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ABSTRAK 

 Terdapat pelbagai pekerjaan dalam bidang teknologi maklumat dan sains 

penkomputeraan. Hal ini adalah kerana teknologi adalah sentiasa bertambah baik. 

Mengikuti situasi ini, pelbagai perkerjaan baru dalam bidang ini telah diwujudkan. Projek 

ini adalah untuk membantu pelajar-pelajar Fakulti Komputeran di Universiti Malaysia 

Pahang (UMP) supaya dapat informasi tentang pekerjaan yang boleh dimohon selepas 

graduasi. Ini adalah penting kerana setiap kerja terdapat ilmu yang berbezaan dan perlu 

dikuasai. Jika siswa atau siswa dapat menguasai ilmu and kemahiran berkenaan dalam 

universiti, ia akan memberi peluang besar untuk mendapat kerja selepas graduasi. Bagi 

universiti, mereka boleh membuat keputusan menggunakan analisis ini. Sama ada 

membuka kelas baru atau tutup kelas yang kurang digunakan dalam pasaran. Teknik yang 

didapati dalam projek ini merangkumi pembelajaran mesin, untuk menganalisis data 

siswazah. Teknik yang dipilih adalah merujuk dari kajian lepas, merangkumi MLP, SVM 

dan CART. SVM telah dipilih. Ramalan perkerjaan kepada pelajar computer pada masa 

depan juga dijalankan. Dengan ini, para pelajar dapat lebih mengenali pekerjaan yang 

mereka dapat memohon, dan mencari maklumat dengan lebih fokus. Keputusan 

ditunjukkan dalam Google Data Studio.    
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ABSTRACT 

 There are many jobs in the computer science and information technology field. 

As technology keeps improving, there are many new careers generated and obviously, 

job selection in this field will be more and more. This project is aims to help the students 

from Faculty of Computing in University Malaysia Pahang (UMP) in order to obtain the 

information about the career can be applied after their graduation. This is vital as every 

job has different knowledge that needs to be mastered. If the students can obtain the skills 

and knowledge in the university, it will help the students to get the jobs easier in their 

future day after graduation. In the university perception, by analysing the job career 

selected by the graduates, they can make the decision on whether to open or close a class 

to follow the market demand, or to update the current syllabus. By doing so, the university 

will have the higher ranking with high employment rate. All attributes have been 

identified. The techniques include in the project is machine learning that used to analyses 

the data of the graduated. The techniques selected were from the previous study, which 

is SVM, MLP, and CART. The best technique is SVM with the highest accuracy among 

these three techniques. Prediction on the career for future Faculty of Computing students 

is also a part of the scope for this project. This project enables students to have a clear 

idea for the future job they can apply for, so they can find more information and more 

focus. The output is shown in a dashboard, using Google Data Studio. 
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CHAPTER 1 

 

 

INTRODUCTION 

1.1 INTRODUCTION 

Along with the industry 4.0 development, the information technology (IT) field 

has become more important nowadays. This can be proved by the gadgets we use in our 

daily lives, such as the social media we use, the smart appliance in our home, and the 

company’s system; all are the treasures created from the research in the IT field. Thus, 

many universities have provided computing and information technology courses. Among 

the universities in Malaysia that provide the related courses, Universiti Malaysia Pahang 

(UMP) provides the computing science course that majors in three aspects: software 

engineering, computer system and networking, and multimedia. These courses are under 

the faculty name of the Faculty of Computing (FK). 

According to the study, it said that the study field is vital in relating to the labour 

market among university graduates [1]. This is because there are some jobs that require 

the candidate to have professional and related skills. For instance, not everyone can be 

competent in the job of a software engineer or network engineer as it requires a lot of 

knowledge and skills in this field. Most of the graduates from FK will seek a job that is 

related to the IT field as they have the knowledge of it, rather than challenge themselves 

in an unfamiliar sector. 

In this study, we are going to use the FK graduated job selection data to predict 

the future FK students’ job selection using machine learning. The future FK students in 

this study are 2021 FK students as the data obtained is 2019 and 2020 graduates. The 

reason of the study is that FK students are the lake of information regarding the selection. 

First, we will analyse the job selection features of FK graduates and analyse the pattern 

of the job selection. Machine learning is important because it will select the important 
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features in the dataset, which will influence the prediction [2]. After that, we can use the 

data to predict the future FK students’ job selection. This can be used for students with 

no idea about their future careers as a reference. The faculty is also able to use this 

prediction to focus on which courses should be applied to the students to enhance their 

competency. 

 

1.2 PROBLEM STATEMENTS 

Referring to the reference [3], no matter which courses the students have chosen, 

the question that needs to be gone through is that “What kind of specialist do I want to 

be?”. There are many kinds of studies in the IT field, such as network security, data 

mining, graphic design, system development, and more, as follow the development of the 

world [4]. Each of these requires different knowledge that is unable to be learned quickly. 

Hence, it is vital for IT students to identify which career they want to employ in the future 

to focus on the technique or knowledge they must learn.  

The problem for the FK students, especially first-year students, is that they lack 

the information regarding the career they can be applied to [5]. This is because there are 

various careers that can be provided in the IT field. For instance, computer system and 

networking students are not limited to being network engineers or network designers. 

They can become database administrators, mobile application developers, cloud 

engineers, and others. “A ship that sails without a compass will get lost at sea,” said 

Matshona Dhliwayo. Students need a reference to know which career they can apply for 

after they graduate to have a clear direction to study hard and get the job.  

Using this study, they can know the seniors’ job selection and be able to ask them 

(or lecturers) about the requirements and job descriptions. By doing so, they can plan for 

the elective subjects they need to take, and they will be able to take them seriously as it 

is necessary for their future job. It is essential for UMP to keep updated with the trends 

nowadays. This study enables the FK management to decide on the course to be opened 

to raise the students’ employability to follow the trends in the labour market. 

 



3 

1.3 OBJECTIVES 

This study discusses the prediction for future job selection among FK students in 

UMP. The objective to be achieved in this study are shown below. 

i. To determine features involved in job selection among faculty of 

computing graduates. 

ii. To analyse the pattern of job selection among faculty of computing 

graduates. 

iii. To predict the future FK students (2021) job selection. 

1.4 SCOPE 

The scope of the analysis will only focus on the FK students in UMP. It will 

predict future FK students’ job selection using the data from FK graduates. The FK 

graduated data will be analysed to determine the features and pattern. 

1.5 SIGNIFICANCE OF THE PROJECT 

This study is vital for the FK students and FK management. Students that are no 

idea about their future job selection may refer to this study to do their future job analysis 

to decide the field they want to try. For the FK management, they are able to use this 

study to analyse which new courses can be added to raise the students’ employability or 

the talks they can hold to increase students’ knowledge for their future job selection. 

 

1.6 THESIS ORGANIZATION 

This study consists of three chapters. Chapter 1 introduces the problem, objective, 

scope, and the importance of the study. As a summary of chapter 1, we know the issue is 

FK students are the lake of information for their future job selection. Using the data of 

job selection from the FK graduates, we can analyse their job selection features and 

pattern. It can be a reference for future FK students. Then, we will make the prediction 

for future FK students’ job selection. 
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Chapter 2 discusses the literature review of the study. The contents include the 

background of the study, a comparison of the references, and the references used. The 

comparison will compare the advantages and disadvantages of the previous research and 

the techniques used. 

Chapter 3 is about the methodology of the proposed study. It includes the 

framework, requirement, and method for the analysis. The flowchart, data design with 

dataset description, evidence of early work, and testing plan will be introduced in this 

chapter. 

Chapter 4 is results and discussion. It discusses the pre-processing of the data such 

as data cleaning and data filtering. Then, we will select the attributes most relevant with 

the title. Next, three machine learning techniques will be applied to test the technique 

with highest accuracy. The highest accuracy will be applied to do the prediction on job 

selection for future FK graduates. The result will be shown in dashboard using Google 

Data Studio. 

Chapter 5 is the conclusion. It will do the conclusion of this study, discuss the 

part to be improve in the future study. 
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CHAPTER 2 

 

 

LITERATURE REVIEW 

2.1 INTRODUCTION 

There are some similar studies regarding the prediction of job selection. This 

section discusses the method for each study and compares the advantages and 

disadvantages. The technique used for the forecast will be limited to using machine 

learning. Machine learning is able to perform quantitative analysis, and the machine can 

learn to predict a subject using the previous data by analysing the pattern [6].  

 

2.2 PREVIOUS RESEARCH WORKS 

2.2.1 CareerRec: A Machine Learning Approach to Career Path Choice for 

Information Technology Graduates 

In this study [4], the authors collected the data from the employees in the IT field, 

which involved 2255 employees in Saudi Arabia, via an online survey. These data had 

been used to train the supervised machine learning algorithms to have an accurate 

outcome prediction using technical skills, soft skills, and programming language skills. 

Before processing the data, the authors carried out the pre-processing process in which 

they removed the duplicated rows and assigned the value to the missing parts. The authors 

transformed the 565 unique values in the job title feature into 37 distinct job titles and 

assigned them into three classes: Analyst, Developer, and Engineer. The authors used the 

label encoding along with the categorical variables in the feature engineering part. This 

is because it can be used in various kinds of prediction models. The authors used Python 

and implemented five machine learning algorithms: K-Nearest Neighbors (KNN), 

Decision Tree (DT), Bagging meta-estimator, Gradient Boosting, and XGBoost. KNN is 
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used to solve regression and classification problems based on similarity measures. DT is 

a root to leaf decision making that passes through the tree, answering “yes” and “no” to 

have a correct output [7]. The bagging meta-estimator will combine the forecast from 

several DTs using the majority voting mechanism. Gradient Boosting will use the 

multiple weaker prediction models (such as DT) to produce a more accurate prediction 

model. XGBoost is similar to Gradient Boosting, but it is optimized to avoid overfitting 

or bias. After their testing, the authors found that the XGBoost algorithm has the highest 

accuracy, 70.47%. 

 

2.2.2 Job Forecasting Based on the Pattern Information: A word Embedding-

Based Approach 

The study [8] aims to use the word embedding-based method for career prediction 

by using the methods of calculating the similarities between patents and jobs. The job 

attributes’ descriptions were collected from O*NET, and patent classifications codes’ 

descriptions were collected from cooperative patent classification (CPC). The word 

embedding model was trained and extracted the embedding vectors using the 

descriptions. After that, each job was given the most similar patent classification code, 

and a matching table was created. The word embedded models applied are Word2Vec, 

Doc2Vec, FastText, and BERT. These models had been trained in an unsupervised 

learning way using job attributes’ descriptions and patent classification codes. Before 

this, the authors pre-processed the description texts so that the model could learn the 

descriptions more efficiently. They used the WordNet tokenizer to tokenize the text. 

Next, using the NLTK (Natural Language Toolkit) in Python, they removed the stop 

words in the description. There are 1011 jobs that had class (31) and were named as the 

career clusters. The description of job attributes had been extracted from embedding 

vectors, and each job has the job representation vectors. These job representation vectors 

were clustered into 31 clusters and compared with the career cluster. Same with patent 

classification codes which had been clustered to compare with the cluster in the CPC 

system. K-means algorithm was used to compare the clustered groups. After the testing, 

the authors found that the FastText model is the best model for the prediction.  
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2.2.3 Predicting Career Using Data Mining 

The study [9] focuses on forecasting the career of computer science students using 

the graduates’ data. The data was collected from 13 university graduates in Bangladesh, 

where the graduates are currently working in the industry. After the pre-processing of 

data, there are several features have been decided, and they will be encoded with numeric 

values. Several classification algorithms have been used. The accuracy was evaluated via 

10-Fold Cross-Validation. To run the data mining algorithms, the sci-kit learn library in 

Python has been implemented, which are ID3, Classification and Regression Tree 

(CART), Random Forest, Support Vector Machines, and Neural Networks. ID3 requires 

the dataset to be categorized, and the noise must be cleared before running it. The pre-

processed and categorized data can be run in CART, and it does not require clearing the 

noise. Random Forest needs to apply with Gini Index technique as each tree classifier 

uses it to measure attributes. In Support Vector Machines (SVMs), the One vs Rest 

method needs to be chosen when the data is multiclass. Multilayer Perceptron (MLP) had 

been chosen in Neural Networks. A feed-forward artificial neural network has at least 

one hidden layer of nodes in addition to the input and output layers. The Limited-memory 

BFGS (L-BFGS) function is used as a weight optimiser. After the authors run the 

prediction, they found that CART and MLP have the highest accuracy at 95.24%, and the 

precision rate for MLP is slightly more than CART.     
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2.2.4 Comparison Among Research 

Table 2.2.1: Comparison Among Research 

Criteria Research 1 Research 2 Research 3 

Research and 

Authors 

H. Al-Dossari, Z. 

Al-Qahtani, F. A. 

Nughaymish, M. 

Alkahlifah, and A. 

Alqahtani, “CareerRec: 

A Machine Learning 

Approach to Career 

Path Choice for 

Information 

Technology 

Graduates,” 2020. 

T. Ha, M. Lee, B. 

Yun, and B. Y. Coh, 

“Job Forecasting Based 

on the Patent 

Information: A Word 

Embedding-Based 

Approach,” 2022 

M. Y. Arafath, S. 

Ahmed, M. 

Saifuzzaman, and S. 

A. Hossain, 

Predicting Career 

Using Data Mining; 

Predicting Career 

Using Data Mining. 

2018 

Domain To help students 

select the most suitable 

career in the IT field 

using technical skills, 

soft skills, and 

programming skills. 

A framework to 

predict career trends 

using patent 

classification codes. 

To predict the 

career of computer 

science graduates 

using graduated data. 

Techniques Machine Learning 

Algorithms: 

-K-Nearest 

Neighbors (KNN) 

-Decision Tree 

(DT) 

-Bagging meta-

estimator 

-Gradient Boosting 

-XGBoost 

K-means 

algorithms 

Word embedding 

models: 

-Word2Vec 

-Doc2Vec 

-FastTest 

-BERT 

WordNet tokenizer 

Natural Language 

Toolkit (NLTK) 

Data Mining 

Algorithms: 

-ID3 

-CART 

-Neural 

Networks, MLP 

-Support Vector 

Machines, One vs 

Rest 

-Random Forest 

Limited-memory 

BFGS (L-BFGS) 

Highest 

Accuracy/ 
Normalized 

mutual 

information 

XGBoost (70.47%) FastTest (0.424) MLP, CART 

(95.24%) 

Data Online survey -Occupational 

Information Network 

(O*NET)  

-Cooperative Patent 

Classification (CPC) 

Online survey 

Advantages XGBoost has the 

capability to handle 

missing values and is 

easy to use. 

It considers the 

technology change.  

MLP Can be 

applied to complex 

non-linear problems. 

Disadvantages Inequivalent data 

will cause an 

inaccurate outcome. 

Unable to reflect 

contextual information 

in texts which 

document embedding 

The output 

accuracy depends on 

the quality of 

training. 
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does because the length 

of data is short. 

Limitation XGBoost does not 

perform well on 

unstructured data. 

Only suitable for 

large-scale data. 

MLP is sensitive 

to feature scaling. 

 

2.3 SUMMARY 

From previous research, Research 3 will be used in this study. This is because the 

research target is similar, and the accuracy shows the highest rate using the MLP and 

CART (95.24%). Research 1 uses a similar method, but the XGBoost is easy to be 

affected by the outlier. Research 2 is suitable for predicting the large scale of data but not 

suitable for this study which only focuses on FK students. 
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CHAPTER 3 

 

 

METHODOLOGY 

3.1 RESEARCH FRAMEWORK 

 

Figure 3.1.1  Research Methodology Framework 

 

Figure 3.1.1 shows the flow of this study. In the beginning, we need to run a 

literature review where we will review all attributes from it. Three research have been 

viewed in the chapter 2. After that, we will do the content analysis where we will analyse 

and choose the techniques to be applied in this study. We will review all attributes and 

techniques involved. 3 most related techniques have been chosen which are MLP, SVM 

and CART. 
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After the preliminary preparation, we will start the research by collecting the data 

from the Academic Centre with the approval from Dr. Saradatul. The data only include 

from graduates 2019 until 2020. We will then validate attributes derived from content 

analysis.  

 

3.1.1 FLOW MODEL 

CRISP-DM is a flow model that helps in planning, organizing, and implementing 

machine learning. It contains six phases: business understanding, data understanding, 

data preparation, modelling, evaluation, and deployment. Using the explanation in the 

study [10], each stage has a different function. Business understanding will decide the 

data mining goals and look for the required resources and available. Data understanding 

will collect the data, explore and check for the quality. Data preparation will choose the 

data that can be used, eliminate the useless data and clean the noise. In the modelling 

phase, we will build the model and select the data mining techniques to be used. After 

that, we will evaluate the results against our objectives. We will redo the evaluation again, 

starting from business understanding if the evaluation is unsatisfactory. Else it will 

proceed to the deployment phase. The deployment phase will do the final report or the 

dashboard.  

 

Figure 3.1.2 CRISP-DM Process 

Source: Huber et al. 2019 [11] 
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The business understanding will be changed to research understanding in order to 

let it fit into the study. This is because this study does not face business, but it is research 

for the UMP. Other stages remain the same.  

 

Figure 3.1.3 Modified CRISP-DM Process 

 

3.2 RESEARCH UNDERSTANDING 

This section will discuss the research goals, requirements, input, output, limitation 

and the flow of this study. This study is targeted to produce the outcome that predicts the 

job selection for the UMP FK students using the graduates’ data. This is because the FK 

students are the lake of the information for a job they can apply for. Using this study, FK 

students are able to know more about what job they can selected for the future. We will 

first analyse the features and patterns using the data of FK graduates as input. After that, 

we will be able to predict the job selection for the UMP FK students. The limitation is 

that the data obtained is not all completed, hence it might have a slight difference with 

the real situation. 

First of all, we need to do the research understanding which this section is doing. 

Before the testing runs, we need to collect the data of FK graduates from UMP and 

understand the data, which is the data understanding phase. The data are collected from 
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academic center and confidential paper is signed. It contains graduates’ personal 

information, their education information, and working information. We need to 

understand the features code in the data we get and analyse which features code is 

required and not. This will be explained in the next section. 

After we analyse the data, we will proceed to the data preparation phase. We need 

to eliminate the unused data to keep the important criteria used. The noise and the missing 

value need to be cleared at the same time, using WEKA. WEKA, with the full name of 

Waikato Environment for Knowledge Analysis, is an application that contains various 

machine learning techniques to be used to process the raw data [12]. It may process the 

outcome into a diagram or processed data. 

In the modelling phase, we will run the testing and decide the most accurate 

technique to be used. In Chapter 2, there are three research have been discussed. The 

techniques used in this study are MLP, SVM, and CART. Depending on only one 

technique is less reliable, we will apply these three techniques using the training data and 

analyse the output with the highest accuracy, precision, recall, and F-measure. The next 

section will explain each technique and its limitation. 

The prediction and the pattern will be analysed after the modelling phase, which 

is in evaluating phase to obtain the results. The pattern of the features in UMP graduates’ 

job selection will be generated and used for the prediction for future FK students’ job 

selection. 

Last, the dashboard will be created using Google Data Studio, which is the 

deployment phase. The dashboard will visualize the results we get, which are the pattern 

of the features of job selection of FK graduates, and the prediction for the future job 

selection among FK students.  

 

3.2.1 Multilayer Perceptron (MLP) 

MLP is a feedforward artificial neural network model consisting of input, output, 

and hidden layers [13]. It is made up of multiple layers of points in a graph that each layer 

completely links with others. Neurons are the elements of the output and hidden layers. 
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Each of the neurons represents the processing unit. Using non-linear activation functions, 

it is able to obtain the non-linear mapping relationship between the input and output data 

[14]. This model lacks memory function. However, it can be solved using the Limited-

memory BFGS (L-BFGS). 

 

Figure 3.2.1 MLP Process 

Source: Akmal Che Yahaya et al. 2020 [15] 

 

3.2.2 Support Vector Machines (SVM) 

SVM is a widely used machine learning method for classification purposes [13]. 

It is a supervised learning method that uses the training data to create input-output 

mapping functions that learn using observation [16]. SVM is mainly used to determine 

the best separation border, referred to as a hyperplane, to distinguish the classes from one 

another. The kernel function is important in the construction of the SVM model [17]. 

There are three kernel functions in basic: polynomial kernel function, radial basis 

function, and Sigmoid kernel function. The limitation of SVM is that it is difficult to 

select the correct kernel function.  
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Figure 3.2.2 SVMs illustration 

Source: Kuzey et al. 2018 [16] 

 

3.2.3 Classification and Regression Tree (CART) 

CART is a non-parametric method commonly used for prediction, using the input 

data [18]. It is basically the decision tree representing the regression or classification 

results [19]. The parent node is placed at the top. It represents the most influencing 

parameters. There are branches below the parent node by the selected split criterion. Each 

branch will have the leaf nodes that represent the results after the test. It uses the if-else 

statement to split the results. The limitation of this model is that it is robust if outliers and 

auto-correlated input data exist [20]. 

 

Figure 3.2.3 CART illustration 
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3.3 DATA UNDERSTANDING 

The data is obtained from the academic center of UMP. There exist three 

Microsoft Excel files that contain different data. The first excel file and second excel file 

declared the features code for each respective year, which is 2019 and 2020. The third 

excel file contains all the data of the graduates from UMP in 2019 and 2020. Figure 3.3.1 

shows the example of the features code used for the data in 2019. NAMA MEDAN is the 

features code for each feature. It follows by the KETERANGAN which represents the 

full name for the code. For instance, e_jantina represents the gender of the graduates 

while Figure 3.3.2 shows the details criteria used for each features code. Referring to 

Figure 3.3.2, the number of 2 in features code e_jantina represents the graduate as a 

female.  

 

Figure 3.3.1 Features Code Example 2019 

 

 

Figure 3.3.2 Detail Features Code 
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There are total of 387 features for the data. Using the WEKA, it will eliminate the 

unnecessary features and filter the important. Hence, we will be able to determine the 

features involved in the job selection among the FK graduates, as mentioned in objective. 

The features code and detail of the code can be viewed in Appendix A.  

 

3.4 PROPOSED DESIGN 

After using the WEKA to analyse the pattern of job selection and do the 

prediction, the result will be shown in a dashboard. Below is the example of the dashboard 

will be created using Google Data Studio. Since the features will be chosen are not yet 

decided, the dashboard below will show the necessary outcome only, which are the job 

title that FK graduated choose and also the prediction of the job title for current FK 

students in the future.   

 

Figure 3.4.1  Example of Dashboard 

 

3.5 PROJECT REQUIREMENT 

Throughout the Chapter 3, we are able to confirm that the tools needed for this 

project. First of all, Jupyter Notebook will be used to do the data pre-processing while 
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WEKA is needed to do the data training, data analyse, and prediction. It can be 

downloaded using the laptop and it is free of charge. 

Next, Google Data Studio is required to do the dashboard, which is to demonstrate 

the output of the analysis. It is a free website that provide by Google that only require a 

google account.  

The data of FK graduated is the main criteria for this project. As mentioned 

before, this data had been obtained from the academic center and a confidential letter is 

signed. It contains the job title that FK graduated are working for, and also others 

information provided, which need to be analysed to determine the useful data. 

Using a laptop is sufficient for this project, which is the author’s own laptop. The 

laptop model is ASUS TUF Gaming FX505DT, Windows 11, Processor AMD Ryzen 5, 

RAM 12GB, and 64-bit operating system. 

Microsoft Office Word is needed to do the report or documentation, while 

Microsoft Office Excel is used to open the data files. UMP student account is used to 

login the Microsoft account.  

 

3.6 SUMMARY 

This chapter discusses the flow of the project, discussed the input, process, and 

outputs of the analysis. The input is the FK graduated data. It will be process using the 

WEKA. The process includes data pre-processing, training and analysis. It will use SVM, 

MLP and CART machine learning to compare the accuracy, and decide the machine 

learning technique to be used in the prediction and analysis. The output is the dashboard 

which contains the prediction of job title for each course for FK and others significant 

information. The limitation of the project is that the data is not filled 100% correctly, 

such as there have some features not filled by the participant, hence it might not 100% 

accurate with the real situation. However, the data accuracy will be promised accurate as 

the technique used will have the accuracy above 75% using current data. 
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CHAPTER 4 

 

 

RESULTS AND DISCUSSION  

4.1 INTRODUCTION 

This chapter discuss the process and the result of the project. The process 

including the attributes selection and filter to be applied to clean the data. Then it will run 

the training set to test the accuracy for each algorithm. Thus, we can select the algorithm 

with the highest accuracy to do the prediction of the job selection for the FK students. 

Figure 4.1.1 showing some of the attributes in the raw data. It will be filtered to 

only FK degree students which the course code is BCN, BCG and BCS as shown in 

Figure 4.1.2. The missing values, which is the empty column will be replace with 

question mark as it will be recognised as the missing value in the WEKA then. 

 

Figure 4.1.1  Some Attributes from the Raw Data 
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Figure 4.1.2 Filter for FK Degree Students 

 

4.2 PRE-PROCESSING 

Before we can use the data for training purpose, the data need to undergo a data 

cleaning process. An abnormal data not only increase the bandwidth, they will lead to 

node energy consumption increase and the inaccurate output [21]. Jupyter Notebook have 

been used to carry out a data cleaning process. Pandas module and numpy module have 

been import. Then, we need to create a dataframe to read the csv file from our laptop. 

After the csv file have been read, we can drop the instance that is not in the working state 

and the instance with empty job title, column that having more than 200 missing values, 

and the column fill with “-” only as it does not give any insight. After all these data have 

been clean, we can check for the duplicate data. Since there is no duplicate data, we can 

proceed to output the filtered data as a csv file. The code is shown as figure below. 
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Figure 4.2.1  Data Cleaning  

 

 Figure 4.2.2 showing the interface after the data have been opened in the WEKA. 

We are able to view the visualization for each attribute and some information will be 

shown on the top of the visualization. 

 

Figure 4.2.2  Filter Applied 
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4.2.1 Select Attributes 

 

Figure 4.2.3  Attributes Selected 

 

Weka provide a “Select attributes” to help user in features selection. Since there 

are too many attributes in the dataset, we can use this function to eliminate the useless 

attributes. CfsSubsetEval using BestFirst seach methon have been applied to eliminate 

the useless features. CfsSubsetEval will select the features based on the predictive ability 

and redundancy degree. It will prefer the features that are highly correlated to the target 

class which is job (e_41_b_1) with low intercorrelation [22]. BestFirst search method use 

a backtracking option along with greedy hill climbing to search the space of attribute 

subsets [23]. According to the output, the attributes selected are as follows: 

e_17_nama_syarikat (100%), e_25_a_1_lain (80%), e_29_a_i (70%), e_41_a (100%), 

e_41_d (100%), and e_47_lain (100%). 
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Figure 4.2.4  Attributes after elimination 

 

4.3 MODELING 

In this phase, the machine learning techniques have been chosen is implemented 

to test the highest accuracy. Cross-validation (cv) with 10 folds is selected to test the 

accuracy. Cv will run nine times as a classifier training and the tenth will be the testing 

classifier. All these 10 sets count as one-fold. It will change the test set for each folds so 

each data set will be used as a testing set and training set [24]. 

 

 

Figure 4.3.1 Accuracy for MLP 
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Figure 4.3.2  Accuracy for SVM 

 

 

Figure 4.3.3  Accuracy for CART 

 

From figures above, we can see that the accuracy for each machine learning is 

6.383% (MLP), 20.4255% (SVM) and 17.8723% (CART). The highest accuracy is SVM. 

Hence, we will apply it for the prediction. 

 

Figure 4.3.4  Select the File to be Applied 
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Figure 4.3.5  Select Output Predictions as CSV 

 

 

 

Figure 4.3.6  Re-evaluate model on current test set 
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To do the prediction, we need to use Supplied test set and click the “Set” button 

to use the file we want to predict. Then, “More options” button enable us to select the 

output prediction to be shown in which form. In this paper, it will show in csv. Right 

click at the training result that run previously, using the SVM machine learning, select 

the re-evaluate model on current test set to do the prediction. The output is show in 

Appendix B. The summary of the prediction is shown in figure below. 

 

Figure 4.3.7  Prediction Summary Output 

 

4.4 FILTER FOR IT FIELD ONLY 

The job has been filtered into two types of job class, which is IT job and non-IT 

job class for more specific job references. It then run again with different machine 

learning method again to test the accuracy again, focus on IT job only. The result is show 

as below. 
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Figure 4.4.1  IT Job using MLP 

 

 

Figure 4.4.2  IT Job using SVM 

 

 

Figure 4.4.3  IT Job using CART 
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SVM still providing the highest accuracy among three machine learning 

techniques, hence it will be used for the prediction. 

 

4.5 RESULT 

The output has been modified to the Google Data Studio by linking the result from 

the Google Spreadsheet. When the mouse move to the selected bar, it will show the record 

number of that predicted job. Figure 4.5.1 until Figure 4.5.9 are showing the result of the 

dashboard. In Figure 4.5.1 and Figure 4.5.5, the x-axis shows the actual job in the tables, 

and the bar shows the predicted job they will be, with the number of it. In Figure 4.5.2, 

Figure 4.5.3, Figure 4.5.6 and Figure 4.5.7, it shows the actual job graph at the top and 

the predicted job at the bottom. Hence, we can do the comparison between the actual job 

and the predicted job. The jobs are showing the highest 20 jobs have been applied from 

the graduates. Figure 4.5.10 showing the QR code that will be directed to the dashboard. 

 

Figure 4.5.1  Dashboard Overview of Prediction 2019 and Prediction 2020 
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Figure 4.5.2  Dashboard of Prediction 2019 

 

 

Figure 4.5.3  Dashboard of Prediction 2020 
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Figure 4.5.4  Dashboard Percentage of Career Type 2019 

 

 

Figure 4.5.5  Dashboard Overview of Prediction 2020 IT Limited 
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Figure 4.5.6  Dashboard Prediction 2019 IT Limited 

 

 

Figure 4.5.7  Dashboard Prediction 2020 IT Limited 
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Figure 4.5.8  Dashboard Comparison Career 2019 vs 2020 IT Limited 

 

 

Figure 4.5.9  Dashboard Other Information 

 

 

Figure 4.5.10  QR code to the Dashboard 
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By analysing the graph as shown in previous, we can see that the graduates work 

in non-IT field have drop from 23% to 16.3%. This have proven that the opportunity work 

in IT field have increased year by year. Majority of graduates have work as a software 

engineer (Sharepoint), web programmer (php), and jurutera perisian for both years.  

 

4.6 SUMMARY 

As a summary, we have predicted the career for the future FK students and present 

the result in the Google Data Studio. The attributes have been eliminated using WEKA 

select attribute function. The machine learning in use is support vector machine (SVM) 

as it having the highest accuracy compare with CART and MLP.  
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CHAPTER 5 

 

 

CONCLUSION 

5.1 INTRODUCTION 

This chapter will discuss the objective, limitations, and future works. We will 

have a re-evaluated for the objective to ensure all the objective have been achieved. 

Limitations will be discussed, and the future works will be mentioned so it can be 

improved in the next research. 

 

5.2 OBJECTIVES ACHIVEMENT 

In the Chapter 1.3, three objectives have been decided as following: 

i. To determine features involved in job selection among faculty of computing 

graduates. 

ii. To analyse the pattern of job selection among faculty of computing graduates. 

iii. To predict the future FK students’ job selection. 

 

The first objective has been achieved by using the “Select Attribute” function in 

WEKA. The attributes have been selected are e_17_nama_syarikat, e_25_a_1_lain, 

e_29_a_i, e_41_a, e_41_d, and e_47_lain as written in chapter 4.2.1. 

The second objective is to analyse the pattern of job selection among the FK 

graduates. This have been achieved in chapter 4.5 by viewing the pattern of graph. 
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The third objective also have been done in the chapter 4 by using the SVM 

techniques for both years. The software engineer (Sharepoint) will have the highest 

possibility to be choose for the current FK students.  

5.3 LIMITATION 

The limitation of the project is the sample data are limited. The data need to have 

more sample for more year to view the trend of the job selection. The job should 

standardize to one language to avoid the duplicated job in different language.  

5.4 FUTURE WORK 

The future work can consider collecting more year of data to increase the samples 

can be used to train and predict the career. It is also possible to apply for other courses to 

enhance their knowledge about the career and the related information in their field. 
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APPENDIX B 

SAMPLE APPENDIX 2 

Predicted Job Selection 2019 

inst# Actual predicted error prediction 

1 1:'Jurutera Elektrik ' 85:Jurutera Rangkaian + 0.018 

2 
2:'Jurutera Aplikasi 
Komputer' 85:Jurutera Rangkaian + 0.018 

3 
2:'Jurutera Aplikasi 
Komputer' 85:Jurutera Rangkaian + 0.018 

4 3:'Pekerja Am' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

5 1:? 85:Jurutera Rangkaian  0.018 

6 4:'System Technical Writer' 85:Jurutera Rangkaian + 0.018 

7 1:? 85:Jurutera Rangkaian  0.018 

8 1:? 85:Jurutera Rangkaian  0.018 

9 
5:'Pengurus Jualan dan 
Pemasaran' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

10 
5:'Pengurus Jualan dan 
Pemasaran' 85:Jurutera Rangkaian + 0.018 

11 6:'Jurutera Automasi Industri' 85:Jurutera Rangkaian + 0.018 

12 
7:'Pembantu Teknologi 
Maklumat' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

13 8:'Jurutera Komputer ' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

14 
9:'Jurutera Teknologi 
Maklumat ' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

15 
10:'Ketua Pegawai Teknologi 
Maklumat' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

16 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

17 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

18 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

19 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

20 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

21 
9:'Jurutera Teknologi 
Maklumat ' 85:Jurutera Rangkaian + 0.018 

22 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

23 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

24 
11:'Pengurus Sistem 
Maklumat ' 85:Jurutera Rangkaian + 0.018 
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25 12:'Pengurus Kewangan ' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

26 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

27 13:Pengurus 85:Jurutera Rangkaian + 0.018 

28 14:'Eksekutif Kontrak' 85:Jurutera Rangkaian + 0.018 

29 13:Pengurus 85:Jurutera Rangkaian + 0.018 

30 15:'Anggota Komunikasi' 85:Jurutera Rangkaian + 0.018 

31 16:'Pengurus Hal Ehwal Am' 85:Jurutera Rangkaian + 0.018 

32 17:'Jurutera Rangkaian Data' 85:Jurutera Rangkaian + 0.018 

33 
18:'Jurutera Teknologi 
Teknikal' 85:Jurutera Rangkaian + 0.018 

34 19:'Penolong Jurutera' 85:Jurutera Rangkaian + 0.018 

35 20:'Ketua Pegawai Eksekutif' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

36 21:'Jurutera Operasi' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

37 
22:'Jurutera Perisian 
Komputer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

38 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

39 

23:'Computer-Aided Design 
(CAD) Design Automation 
Engineer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

40 24:'Pembantu Tadbir' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

41 25:'Guru Taska ' 85:Jurutera Rangkaian + 0.018 

42 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

43 26:'Pereka Grafik' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

44 
22:'Jurutera Perisian 
Komputer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

45 
22:'Jurutera Perisian 
Komputer' 85:Jurutera Rangkaian + 0.018 

46 
22:'Jurutera Perisian 
Komputer' 85:Jurutera Rangkaian + 0.018 

47 26:'Pereka Grafik' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

48 26:'Pereka Grafik' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

49 27:'Juruanalisis Data' 85:Jurutera Rangkaian + 0.018 

50 
28:'Jurutera Perkakasan 
Komputer' 85:Jurutera Rangkaian + 0.018 

51 
29:'Kerani Kawalan 
Dokumen' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

52 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

53 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 
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54 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

55 1:? 85:Jurutera Rangkaian  0.018 

56 30:'Koordinator Jualan' 85:Jurutera Rangkaian + 0.018 

57 
31:'Penolong Pegawai Tadbir 
Gred N27 ' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

58 32:'Pengawal Dokumen' 85:Jurutera Rangkaian + 0.018 

59 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

60 33:'Wakil Insurans' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

61 34:Pelayan 85:Jurutera Rangkaian + 0.018 

62 35:'Eksekutif Perniagaan' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

63 
36:'Pegawai Khidmat 
Pelanggan' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

64 37:'Jurutera Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

65 
36:'Pegawai Khidmat 
Pelanggan' 85:Jurutera Rangkaian + 0.018 

66 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 

67 
38:'Juruanalisis Sistem 
Komputer ' 85:Jurutera Rangkaian + 0.018 

68 
39:'Pekerja Makanan dan 
Minuman' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

69 
40:'.NetApplication 
Consultant' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

70 
41:'Perunding Teknologi 
Maklumat' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

71 42:'Pereka Sistem Komputer' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

72 

43:'Enterprise Resource 
Planning (ERP) Programmer 
Analyst (ABAP)' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

73 
44:'Information Technology 
Specialist(Java)' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

74 
45:'Juruanalisis Perniagaan 
Teknologi Maklumat ' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

75 
46:'Juruanalisis Sistem 
Maklumat Pengurusan (MIS)' 85:Jurutera Rangkaian + 0.018 

76 
47:'Information Technology 
Security Analyst' 85:Jurutera Rangkaian + 0.018 

77 
48:'Technical Specialist 
(.Net)' 85:Jurutera Rangkaian + 0.018 

78 
49:'Jurujual Kaunter 
Promoter' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

79 
47:'Information Technology 
Security Analyst' 85:Jurutera Rangkaian + 0.018 
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80 
50:'Information Technology 
System Analyst (JDE)' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

81 51:'.NetProgrammer Analyst' 85:Jurutera Rangkaian + 0.018 

82 
52:'Jurutera Aplikasi Jualan 
ICT' 85:Jurutera Rangkaian + 0.018 

83 53:'Juruanalisis QA (IT)' 85:Jurutera Rangkaian + 0.018 

84 54:'Operator Sistem' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

85 
55:'Juruanalisis Teknikal Meja 
Bantu' 85:Jurutera Rangkaian + 0.018 

86 37:'Jurutera Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

87 56:'Pengaturcara Java ' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

88 57:'Security Analyst(IT)' 85:Jurutera Rangkaian + 0.018 

89 57:'Security Analyst(IT)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

90 37:'Jurutera Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

91 37:'Jurutera Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

92 37:'Jurutera Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

93 
39:'Pekerja Makanan dan 
Minuman' 85:Jurutera Rangkaian + 0.018 

94 58:'Jurutera Perisian (.Net)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

95 58:'Jurutera Perisian (.Net)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

96 59:'Web Programmer (PHP)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

97 59:'Web Programmer (PHP)' 85:Jurutera Rangkaian + 0.018 

98 60:'Cobol Developer' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

99 61:'Pembangun Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

100 61:'Pembangun Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

101 61:'Pembangun Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

102 57:'Security Analyst(IT)' 85:Jurutera Rangkaian + 0.018 

103 
50:'Information Technology 
System Analyst (JDE)' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

104 59:'Web Programmer (PHP)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

105 59:'Web Programmer (PHP)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

106 59:'Web Programmer (PHP)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 
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107 
62:'Information Technology 
Executive (RPG)' 85:Jurutera Rangkaian + 0.018 

108 61:'Pembangun Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

109 61:'Pembangun Perisian' 85:Jurutera Rangkaian + 0.018 

110 37:'Jurutera Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

111 58:'Jurutera Perisian (.Net)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

112 59:'Web Programmer (PHP)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

113 59:'Web Programmer (PHP)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

114 
63:'Hypertext Preprocessor 
(PHP) Developer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

115 59:'Web Programmer (PHP)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

116 59:'Web Programmer (PHP)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

117 59:'Web Programmer (PHP)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

118 
64:'Enterprise Systems 
Specialist (IT)' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

119 
63:'Hypertext Preprocessor 
(PHP) Developer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

120 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

121 
62:'Information Technology 
Executive (RPG)' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

122 
66:'Artificial Intelligence 
Programmer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

123 67:'Pengaturcara Teknikal ' 85:Jurutera Rangkaian + 0.018 

124 68:'Software Analyst' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

125 68:'Software Analyst' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

126 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

127 68:'Software Analyst' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

128 69:'Pembantu Jualan' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

129 68:'Software Analyst' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

130 69:'Pembantu Jualan' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

131 
7:'Pembantu Teknologi 
Maklumat' 85:Jurutera Rangkaian + 0.018 

132 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 
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133 
65:'Software Engineer 
(Sharepoint)(IT)' 85:Jurutera Rangkaian + 0.018 

134 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

135 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

136 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

137 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

138 69:'Pembantu Jualan' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

139 69:'Pembantu Jualan' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

140 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

141 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

142 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

143 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

144 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

145 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

146 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

147 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

148 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

149 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

150 
65:'Software Engineer 
(Sharepoint)(IT)' 85:Jurutera Rangkaian + 0.018 

151 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

152 70:'Pembangun Laman Web ' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

153 
71:'Sharepoint Technical 
Specialist (IT)' 85:Jurutera Rangkaian + 0.018 

154 70:'Pembangun Laman Web ' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

155 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

156 70:'Pembangun Laman Web ' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

157 72:'Juruteknik Komputer' 85:Jurutera Rangkaian + 0.018 
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158 73:'Pengaturcara Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

159 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

160 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

161 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

162 
64:'Enterprise Systems 
Specialist (IT)' 85:Jurutera Rangkaian + 0.018 

163 74:'Penguji Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

164 75:'Pengendali Web' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

165 76:'Auditor Komputer' 85:Jurutera Rangkaian + 0.018 

166 77:'Jurutera Kualiti (IT)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

167 78:'Pengaturcara Aplikasi' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

168 73:'Pengaturcara Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

169 73:'Pengaturcara Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

170 
65:'Software Engineer 
(Sharepoint)(IT)' 85:Jurutera Rangkaian + 0.018 

171 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

172 77:'Jurutera Kualiti (IT)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

173 79:'Jurutera Sistem (IT)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

174 74:'Penguji Perisian' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

175 80:'Pakar Teknikal (IT) ' 85:Jurutera Rangkaian + 0.018 

176 80:'Pakar Teknikal (IT) ' 85:Jurutera Rangkaian + 0.018 

177 1:? 85:Jurutera Rangkaian  0.018 

178 81:'Jurumasak Pastri' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

179 70:'Pembangun Laman Web ' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

180 

82:'Structured Query 
Language (SQL) Database 
Administrator' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

181 83:'Pengaturcara Sistem ' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

182 
84:'Jurutera Jaminan Kualiti 
Produk (IT)' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

183 85:'Jurutera Rangkaian' 85:Jurutera Rangkaian  0.018 

184 85:'Jurutera Rangkaian' 85:Jurutera Rangkaian  0.018 
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185 
65:'Software Engineer 
(Sharepoint)(IT)' 

65:Software Engineer 
(Sharepoint)(IT)  0.018 

186 86:'Pengajar Am' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

187 85:'Jurutera Rangkaian' 85:Jurutera Rangkaian  0.018 

188 87:Juruwang 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

189 
88:'Jurutera Sistem 
Rangkaian IT' 85:Jurutera Rangkaian + 0.018 

190 87:Juruwang 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

191 87:Juruwang 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

192 89:'System Engineer (Oracle)' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

193 89:'System Engineer (Oracle)' 85:Jurutera Rangkaian + 0.018 

194 85:'Jurutera Rangkaian' 85:Jurutera Rangkaian  0.018 

195 
90:'Web and Mobility 
Developer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

196 
91:'Juruteknik Keselamatan 
Rangkaian ICT ' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

197 92:'Juruwang Kafeteria' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

198 
93:'Eksekutif Teknologi 
Maklumat ' 85:Jurutera Rangkaian + 0.018 

199 
90:'Web and Mobility 
Developer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

200 94:'Jurutera QA Perisian ' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

201 
95:'Jurutera Sokongan 
Komputer ' 85:Jurutera Rangkaian + 0.018 

202 
96:'Inbound Technical 
Support Representative (IT)' 85:Jurutera Rangkaian + 0.018 

203 
96:'Inbound Technical 
Support Representative (IT)' 85:Jurutera Rangkaian + 0.018 

204 
93:'Eksekutif Teknologi 
Maklumat ' 85:Jurutera Rangkaian + 0.018 

205 97:'Pembantu Kedai' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

206 97:'Pembantu Kedai' 85:Jurutera Rangkaian + 0.018 

207 
98:'Administrator, Electronic 
Data Processing (PDE)' 85:Jurutera Rangkaian + 0.018 

208 
90:'Web and Mobility 
Developer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

209 
90:'Web and Mobility 
Developer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

210 99:'Juruwang Restoran' 85:Jurutera Rangkaian + 0.018 

211 
100:'Penolong Pegawai 
Keselamatan Gred KP27' 85:Jurutera Rangkaian + 0.018 

212 85:'Jurutera Rangkaian' 85:Jurutera Rangkaian  0.018 
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213 85:'Jurutera Rangkaian' 85:Jurutera Rangkaian  0.018 

214 
90:'Web and Mobility 
Developer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

215 
90:'Web and Mobility 
Developer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

216 
90:'Web and Mobility 
Developer' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

217 97:'Pembantu Kedai' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

218 97:'Pembantu Kedai' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

219 97:'Pembantu Kedai' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

220 

101:'Penolong Pegawai 
Pendaftaran/Pegawai 
Pendaftaran Gred KP27' 85:Jurutera Rangkaian + 0.018 

221 102:'Tukang Emas' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

222 
103:'Pekerja Sokongan 
Teknologi Maklumat' 85:Jurutera Rangkaian + 0.018 

223 
104:'Operator Pengeluaran 
Produk Elektronik' 85:Jurutera Rangkaian + 0.018 

224 
105:'Penyunting Filem dan 
Video ' 85:Jurutera Rangkaian + 0.018 

225 
106:'Penyambut Tetamu 
Front Office' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

226 107:'Penghantar Cepat' 85:Jurutera Rangkaian + 0.018 

227 
108:'Kerani Kaunter Wang 
Tunai' 85:Jurutera Rangkaian + 0.018 

228 
109:'Pembantu 
Perkhidmatan Pelanggan ' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

229 
109:'Pembantu 
Perkhidmatan Pelanggan ' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

230 110:'Pembantu Rumah' 85:Jurutera Rangkaian + 0.018 

231 111:'Pembantu Gudang' 85:Jurutera Rangkaian + 0.018 

232 112:'Pembantu Stor' 
65:Software Engineer 
(Sharepoint)(IT) + 0.018 

233 113:'Perunding Sistem IT' 85:Jurutera Rangkaian + 0.018 

234 
38:'Juruanalisis Sistem 
Komputer ' 

65:Software Engineer 
(Sharepoint)(IT) + 0.018 

235 1:? 
65:Software Engineer 
(Sharepoint)(IT)  0.018 
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Predicted Job Selection 2020 

inst# actual predicted error prediction 

1 
1:'Web Programmer 
(PHP)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

2 
2:'Penolong Pegawai 
Teknologi Maklumat ' 

11:Information Technology 
Security Analyst + 0.022 

3 
3:'Jurutera Sistem 
Rangkaian IT' 

11:Information Technology 
Security Analyst + 0.022 

4 4:'Eksekutif Pemasaran ' 
11:Information Technology 
Security Analyst + 0.022 

5 5:'Pereka Grafik' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

6 6:'Juruwang. Pembantu' 
11:Information Technology 
Security Analyst + 0.022 

7 7:'Juruanalisis QA (IT)' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

8 8:'RPG System Analyst' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

9 
9:'Pembangun Laman 
Web ' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

10 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

11 

11:'Information 
Technology Security 
Analyst' 

11:Information Technology 
Security Analyst  0.022 

12 12:Juruwang 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

13 
13:'Jurutera Perisian 
Komputer' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

14 14:'Jurutera Rangkaian' 
11:Information Technology 
Security Analyst + 0.022 

15 
15:'Web and Mobility 
Developer' 

11:Information Technology 
Security Analyst + 0.022 

16 
16:'Jurutera Sistem 
Komputer' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

17 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

18 
9:'Pembangun Laman 
Web ' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

19 
17:'System Engineer 
(Oracle)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

20 18:'Pereka Web' 
11:Information Technology 
Security Analyst + 0.022 

21 19:'Pekerja Am' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

22 20:'Software Analyst' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

23 21:'Jurutera Perisian' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 
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24 
1:'Web Programmer 
(PHP)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

25 

22:'Hypertext 
Preprocessor (PHP) 
Developer' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

26 5:'Pereka Grafik' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

27 23:'Guru Taska ' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

28 1:? 
11:Information Technology 
Security Analyst  0.022 

29 
9:'Pembangun Laman 
Web ' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

30 

24:'Information 
Technology Executive 
(RPG)' 

11:Information Technology 
Security Analyst + 0.022 

31 25:'Jurujual Internet' 
11:Information Technology 
Security Analyst + 0.022 

32 
16:'Jurutera Sistem 
Komputer' 

11:Information Technology 
Security Analyst + 0.022 

33 
26:'Juruteknik 
Kejuruteraan Automobil' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

34 5:'Pereka Grafik' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

35 
27:'Pegawai Sokongan 
Teknologi Maklumat' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

36 

28:'Inbound Technical 
Support Representative 
(IT)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

37 

29:'Structured Query 
Language (SQL) Database 
Administrator' 

11:Information Technology 
Security Analyst + 0.022 

38 
10:'Software Engineer 
(Sharepoint)(IT)' 

11:Information Technology 
Security Analyst + 0.022 

39 
30:'SAP Application 
Administrator' 

11:Information Technology 
Security Analyst + 0.022 

40 
31:'Pekerja Singkat Harian 
(PSH) (Awam)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

41 
1:'Web Programmer 
(PHP)' 

11:Information Technology 
Security Analyst + 0.022 

42 21:'Jurutera Perisian' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

43 
1:'Web Programmer 
(PHP)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

44 
9:'Pembangun Laman 
Web ' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

45 
10:'Software Engineer 
(Sharepoint)(IT)' 

11:Information Technology 
Security Analyst + 0.022 

46 32:'Guru Sekolah Rendah' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 
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47 
27:'Pegawai Sokongan 
Teknologi Maklumat' 

11:Information Technology 
Security Analyst + 0.022 

48 33:'Pembantu Jualan' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

49 
34:'Jurutera Teknologi 
Teknikal' 

11:Information Technology 
Security Analyst + 0.022 

50 
35:'Jurutera Sistem 
(Kecuali Komputer)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

51 
13:'Jurutera Perisian 
Komputer' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

52 
36:'Java Programmer 
Analyst' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

53 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

54 
37:'.NetProgrammer 
Analyst' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

55 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

56 
38:'Officer-in-charge. 
Weather station' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

57 19:'Pekerja Am' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

58 
1:'Web Programmer 
(PHP)' 

11:Information Technology 
Security Analyst + 0.022 

59 
39:'Guru Pengajian 
Agama' 

11:Information Technology 
Security Analyst + 0.022 

60 
40:'Pekerja Sokongan 
Teknologi Maklumat' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

61 
41:'Perangkawan Gred 
E41' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

62 42:'Eksekutif Logistik' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

63 5:'Pereka Grafik' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

64 43:'Ketua Projek' 
11:Information Technology 
Security Analyst + 0.022 

65 

24:'Information 
Technology Executive 
(RPG)' 

11:Information Technology 
Security Analyst + 0.022 

66 
16:'Jurutera Sistem 
Komputer' 

11:Information Technology 
Security Analyst + 0.022 

67 44:'Security Analyst(IT)' 
11:Information Technology 
Security Analyst + 0.022 

68 
45:'Eksekutif Pengeluaran 
' 

11:Information Technology 
Security Analyst + 0.022 

69 

46:'Enterprise Resource 
Planning (ERP) Technical 
Specialist (IT)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

70 
47:'Pembantu Eksekutif 
Pentadbiran' 

11:Information Technology 
Security Analyst + 0.022 
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71 
48:'Eksekutif Sistem 
Komputer' 

11:Information Technology 
Security Analyst + 0.022 

72 1:? 
10:Software Engineer 
(Sharepoint)(IT)  0.022 

73 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

74 
27:'Pegawai Sokongan 
Teknologi Maklumat' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

75 5:'Pereka Grafik' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

76 
49:'Pengaturcara Perisian 
(.Net)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

77 21:'Jurutera Perisian' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

78 20:'Software Analyst' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

79 
3:'Jurutera Sistem 
Rangkaian IT' 

11:Information Technology 
Security Analyst + 0.022 

80 

24:'Information 
Technology Executive 
(RPG)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

81 

50:'Juruanalisis 
Perniagaan Teknologi 
Maklumat ' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

82 51:'Kerani Pemasaran ' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

83 

52:'Enterprise Resource 
Planning (ERP) 
Programmer Analyst 
(ABAP)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

84 5:'Pereka Grafik' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

85 
53:'Climate Service 
Technician' 

11:Information Technology 
Security Analyst + 0.022 

86 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

87 21:'Jurutera Perisian' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

88 
54:'Project Administrator 
(IT)' 

11:Information Technology 
Security Analyst + 0.022 

89 55:'Pembangun Perisian' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

90 
56:'Penyunting Filem dan 
Video ' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

91 
57:'Pemeriksa Kualiti 
Produk' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

92 
16:'Jurutera Sistem 
Komputer' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

93 58:'Ilustrator Grafik' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 
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94 
40:'Pekerja Sokongan 
Teknologi Maklumat' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

95 
48:'Eksekutif Sistem 
Komputer' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

96 5:'Pereka Grafik' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

97 
59:'Inspektor Kawalan 
Kualiti' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

98 

24:'Information 
Technology Executive 
(RPG)' 

11:Information Technology 
Security Analyst + 0.022 

99 60:'Kerani Am Pejabat ' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

100 61:'Jurutera Komputer ' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

101 12:Juruwang 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

102 1:? 
10:Software Engineer 
(Sharepoint)(IT)  0.022 

103 

11:'Information 
Technology Security 
Analyst' 

11:Information Technology 
Security Analyst  0.022 

104 62:'Ejen Hartanah' 
11:Information Technology 
Security Analyst + 0.022 

105 

28:'Inbound Technical 
Support Representative 
(IT)' 

11:Information Technology 
Security Analyst + 0.022 

106 12:Juruwang 
11:Information Technology 
Security Analyst + 0.022 

107 
63:'Jurutera Aplikasi 
Komputer' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

108 
1:'Web Programmer 
(PHP)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

109 64:'Juruwang. Kedai' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

110 
13:'Jurutera Perisian 
Komputer' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

111 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

112 20:'Software Analyst' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

113 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

114 

65:'Information 
Technology Consultant 
(Java)' 

11:Information Technology 
Security Analyst + 0.022 

115 
66:'Pengaturcara 
Multimedia ' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

116 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 
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117 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

118 

67:'Pembantu 
Pengaturcaraan 
Komputer' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

119 33:'Pembantu Jualan' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

120 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

121 

11:'Information 
Technology Security 
Analyst' 

11:Information Technology 
Security Analyst  0.022 

122 
68:'Pegawai Teknologi 
Maklumat Gred F41' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

123 44:'Security Analyst(IT)' 
11:Information Technology 
Security Analyst + 0.022 

124 
69:'Application Specialist 
Support (Navision)' 

11:Information Technology 
Security Analyst + 0.022 

125 
70:'Eksekutif 
Perkhidmatan Pelanggan' 

11:Information Technology 
Security Analyst + 0.022 

126 1:? 
11:Information Technology 
Security Analyst  0.022 

127 71:'Operator Pengeluaran' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

128 72:'Kerani Teknikal' 
11:Information Technology 
Security Analyst + 0.022 

129 
73:'Pengurus Sistem 
Maklumat ' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

130 
17:'System Engineer 
(Oracle)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

131 74:'Pengaturcara Perisian' 
11:Information Technology 
Security Analyst + 0.022 

132 
75:'Pembantu Front 
Office' 

11:Information Technology 
Security Analyst + 0.022 

133 
76:'Juruteknik Laman 
Web' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

134 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

135 

52:'Enterprise Resource 
Planning (ERP) 
Programmer Analyst 
(ABAP)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

136 
77:'Jurujual Jualan 
Langsung' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

137 

11:'Information 
Technology Security 
Analyst' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

138 
15:'Web and Mobility 
Developer' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

139 21:'Jurutera Perisian' 
11:Information Technology 
Security Analyst + 0.022 
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140 78:'Graphics Creator' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

141 
13:'Jurutera Perisian 
Komputer' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

142 
1:'Web Programmer 
(PHP)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

143 

24:'Information 
Technology Executive 
(RPG)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

144 79:'Pegawai Pentadbiran ' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

145 80:'Kerani Pejabat' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

146 81:Jurujual 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

147 

82:'Information 
Technology Consultant 
(.Net)' 

11:Information Technology 
Security Analyst + 0.022 

148 83:'Kerani Personel' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

149 1:? 
10:Software Engineer 
(Sharepoint)(IT)  0.022 

150 1:? 
11:Information Technology 
Security Analyst  0.022 

151 55:'Pembangun Perisian' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

152 55:'Pembangun Perisian' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

153 21:'Jurutera Perisian' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

154 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

155 4:'Eksekutif Pemasaran ' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

156 84:'Pembantu Kedai' 
11:Information Technology 
Security Analyst + 0.022 

157 71:'Operator Pengeluaran' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

158 
1:'Web Programmer 
(PHP)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

159 85:'Pakar Teknikal (IT) ' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

160 80:'Kerani Pejabat' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

161 
86:'Jurutera Automasi 
Industri' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

162 
41:'Perangkawan Gred 
E41' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

163 
27:'Pegawai Sokongan 
Teknologi Maklumat' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 
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164 87:'Jurutera Sistem ' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

165 
88:'Pengaturcara 
Permainan Komputer ' 

11:Information Technology 
Security Analyst + 0.022 

166 

11:'Information 
Technology Security 
Analyst' 

11:Information Technology 
Security Analyst  0.022 

167 20:'Software Analyst' 
10:Software Engineer 
(Sharepoint)(IT) + 0.022 

168 
10:'Software Engineer 
(Sharepoint)(IT)' 

10:Software Engineer 
(Sharepoint)(IT)  0.022 

169 

52:'Enterprise Resource 
Planning (ERP) 
Programmer Analyst 
(ABAP)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

170 
9:'Pembangun Laman 
Web ' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

171 

89:'Information 
Technology System 
Analyst (JDE)' 

10:Software Engineer 
(Sharepoint)(IT) + 0.022 

172 14:'Jurutera Rangkaian' 
11:Information Technology 
Security Analyst + 0.022 
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Prediction Job Selection 2019 IT only 

inst# actual predicted error prediction 

1 1:'Jurutera Aplikasi Komputer' 62:Jurutera Rangkaian + 0.027 

2 1:'Jurutera Aplikasi Komputer' 62:Jurutera Rangkaian + 0.027 

3 2:'System Technical Writer' 62:Jurutera Rangkaian + 0.027 

4 
3:'Pembantu Teknologi 
Maklumat' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

5 4:'Jurutera Komputer ' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

6 5:'Jurutera Teknologi Maklumat ' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

7 
6:'Ketua Pegawai Teknologi 
Maklumat' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

8 5:'Jurutera Teknologi Maklumat ' 62:Jurutera Rangkaian + 0.027 

9 7:'Pengurus Sistem Maklumat ' 62:Jurutera Rangkaian + 0.027 

10 8:'Jurutera Rangkaian Data' 62:Jurutera Rangkaian + 0.027 

11 9:'Jurutera Teknologi Teknikal' 62:Jurutera Rangkaian + 0.027 

12 10:'Penolong Jurutera' 62:Jurutera Rangkaian + 0.027 

13 11:'Jurutera Operasi' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

14 12:'Jurutera Perisian Komputer' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

15 

13:'Computer-Aided Design 
(CAD) Design Automation 
Engineer' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

16 14:'Pereka Grafik' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

17 12:'Jurutera Perisian Komputer' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

18 12:'Jurutera Perisian Komputer' 62:Jurutera Rangkaian + 0.027 

19 12:'Jurutera Perisian Komputer' 62:Jurutera Rangkaian + 0.027 

20 14:'Pereka Grafik' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

21 14:'Pereka Grafik' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

22 15:'Juruanalisis Data' 62:Jurutera Rangkaian + 0.027 

23 
16:'Jurutera Perkakasan 
Komputer' 62:Jurutera Rangkaian + 0.027 

24 17:'Kerani Kawalan Dokumen' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

25 18:'Pengawal Dokumen' 62:Jurutera Rangkaian + 0.027 

26 19:'Jurutera Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

27 
20:'Juruanalisis Sistem 
Komputer ' 62:Jurutera Rangkaian + 0.027 

28 21:'.NetApplication Consultant' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 
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29 
22:'Perunding Teknologi 
Maklumat' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

30 23:'Pereka Sistem Komputer' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

31 

24:'Enterprise Resource 
Planning (ERP) Programmer 
Analyst (ABAP)' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

32 
25:'Information Technology 
Specialist(Java)' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

33 
26:'Juruanalisis Perniagaan 
Teknologi Maklumat ' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

34 
27:'Juruanalisis Sistem 
Maklumat Pengurusan (MIS)' 62:Jurutera Rangkaian + 0.027 

35 
28:'Information Technology 
Security Analyst' 62:Jurutera Rangkaian + 0.027 

36 29:'Technical Specialist (.Net)' 62:Jurutera Rangkaian + 0.027 

37 
28:'Information Technology 
Security Analyst' 62:Jurutera Rangkaian + 0.027 

38 
30:'Information Technology 
System Analyst (JDE)' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

39 31:'.NetProgrammer Analyst' 62:Jurutera Rangkaian + 0.027 

40 32:'Jurutera Aplikasi Jualan ICT' 62:Jurutera Rangkaian + 0.027 

41 33:'Juruanalisis QA (IT)' 62:Jurutera Rangkaian + 0.027 

42 34:'Operator Sistem' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

43 19:'Jurutera Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

44 35:'Pengaturcara Java ' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

45 36:'Security Analyst(IT)' 62:Jurutera Rangkaian + 0.027 

46 36:'Security Analyst(IT)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

47 19:'Jurutera Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

48 19:'Jurutera Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

49 19:'Jurutera Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

50 37:'Jurutera Perisian (.Net)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

51 37:'Jurutera Perisian (.Net)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

52 38:'Web Programmer (PHP)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

53 38:'Web Programmer (PHP)' 62:Jurutera Rangkaian + 0.027 

54 39:'Cobol Developer' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

55 40:'Pembangun Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 



76 

56 40:'Pembangun Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

57 40:'Pembangun Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

58 36:'Security Analyst(IT)' 62:Jurutera Rangkaian + 0.027 

59 
30:'Information Technology 
System Analyst (JDE)' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

60 38:'Web Programmer (PHP)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

61 38:'Web Programmer (PHP)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

62 38:'Web Programmer (PHP)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

63 
41:'Information Technology 
Executive (RPG)' 62:Jurutera Rangkaian + 0.027 

64 40:'Pembangun Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

65 40:'Pembangun Perisian' 62:Jurutera Rangkaian + 0.027 

66 19:'Jurutera Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

67 37:'Jurutera Perisian (.Net)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

68 38:'Web Programmer (PHP)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

69 38:'Web Programmer (PHP)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

70 
42:'Hypertext Preprocessor 
(PHP) Developer' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

71 38:'Web Programmer (PHP)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

72 38:'Web Programmer (PHP)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

73 38:'Web Programmer (PHP)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

74 
43:'Enterprise Systems Specialist 
(IT)' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

75 
42:'Hypertext Preprocessor 
(PHP) Developer' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

76 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

77 
41:'Information Technology 
Executive (RPG)' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

78 
45:'Artificial Intelligence 
Programmer' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

79 46:'Pengaturcara Teknikal ' 62:Jurutera Rangkaian + 0.027 

80 47:'Software Analyst' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

81 47:'Software Analyst' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 
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82 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

83 47:'Software Analyst' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

84 47:'Software Analyst' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

85 
3:'Pembantu Teknologi 
Maklumat' 62:Jurutera Rangkaian + 0.027 

86 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

87 
44:'Software Engineer 
(Sharepoint)(IT)' 62:Jurutera Rangkaian + 0.027 

88 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

89 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

90 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

91 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

92 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

93 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

94 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

95 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

96 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

97 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

98 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

99 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

100 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

101 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

102 
44:'Software Engineer 
(Sharepoint)(IT)' 62:Jurutera Rangkaian + 0.027 

103 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

104 48:'Pembangun Laman Web ' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

105 
49:'Sharepoint Technical 
Specialist (IT)' 62:Jurutera Rangkaian + 0.027 

106 48:'Pembangun Laman Web ' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 
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107 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

108 48:'Pembangun Laman Web ' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

109 50:'Juruteknik Komputer' 62:Jurutera Rangkaian + 0.027 

110 51:'Pengaturcara Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

111 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

112 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

113 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

114 
43:'Enterprise Systems Specialist 
(IT)' 62:Jurutera Rangkaian + 0.027 

115 52:'Penguji Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

116 53:'Pengendali Web' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

117 54:'Auditor Komputer' 62:Jurutera Rangkaian + 0.027 

118 55:'Jurutera Kualiti (IT)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

119 56:'Pengaturcara Aplikasi' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

120 51:'Pengaturcara Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

121 51:'Pengaturcara Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

122 
44:'Software Engineer 
(Sharepoint)(IT)' 62:Jurutera Rangkaian + 0.027 

123 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

124 55:'Jurutera Kualiti (IT)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

125 57:'Jurutera Sistem (IT)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

126 52:'Penguji Perisian' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

127 58:'Pakar Teknikal (IT) ' 62:Jurutera Rangkaian + 0.027 

128 58:'Pakar Teknikal (IT) ' 62:Jurutera Rangkaian + 0.027 

129 48:'Pembangun Laman Web ' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

130 
59:'Structured Query Language 
(SQL) Database Administrator' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

131 60:'Pengaturcara Sistem ' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

132 
61:'Jurutera Jaminan Kualiti 
Produk (IT)' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

133 62:'Jurutera Rangkaian' 62:Jurutera Rangkaian  0.027 

134 62:'Jurutera Rangkaian' 62:Jurutera Rangkaian  0.027 
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135 
44:'Software Engineer 
(Sharepoint)(IT)' 

44:Software Engineer 
(Sharepoint)(IT)  0.027 

136 62:'Jurutera Rangkaian' 62:Jurutera Rangkaian  0.027 

137 
63:'Jurutera Sistem Rangkaian 
IT' 62:Jurutera Rangkaian + 0.027 

138 64:'System Engineer (Oracle)' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

139 64:'System Engineer (Oracle)' 62:Jurutera Rangkaian + 0.027 

140 62:'Jurutera Rangkaian' 62:Jurutera Rangkaian  0.027 

141 
65:'Web and Mobility 
Developer' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

142 
66:'Juruteknik Keselamatan 
Rangkaian ICT ' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

143 
67:'Eksekutif Teknologi 
Maklumat ' 62:Jurutera Rangkaian + 0.027 

144 
65:'Web and Mobility 
Developer' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

145 68:'Jurutera QA Perisian ' 
44:Software Engineer 
(Sharepoint)(IT) + 0.027 

146 
69:'Jurutera Sokongan Komputer 
' 62:Jurutera Rangkaian + 0.027 

147 
70:'Inbound Technical Support 
Representative (IT)' 62:Jurutera Rangkaian + 0.027 

148 
70:'Inbound Technical Support 
Representative (IT)' 62:Jurutera Rangkaian + 0.027 

149 
67:'Eksekutif Teknologi 
Maklumat ' 62:Jurutera Rangkaian + 0.027 

150 
71:'Administrator, Electronic 
Data Processing (PDE)' 62:Jurutera Rangkaian + 0.027 

151 
65:'Web and Mobility 
Developer' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

152 
65:'Web and Mobility 
Developer' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

153 62:'Jurutera Rangkaian' 62:Jurutera Rangkaian  0.027 

154 62:'Jurutera Rangkaian' 62:Jurutera Rangkaian  0.027 

155 
65:'Web and Mobility 
Developer' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

156 
65:'Web and Mobility 
Developer' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

157 
65:'Web and Mobility 
Developer' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 

158 
72:'Pekerja Sokongan Teknologi 
Maklumat' 62:Jurutera Rangkaian + 0.027 

159 
73:'Operator Pengeluaran 
Produk Elektronik' 62:Jurutera Rangkaian + 0.027 

160 74:'Penyunting Filem dan Video ' 62:Jurutera Rangkaian + 0.027 

161 75:'Perunding Sistem IT' 62:Jurutera Rangkaian + 0.027 

162 
20:'Juruanalisis Sistem 
Komputer ' 

44:Software Engineer 
(Sharepoint)(IT) + 0.027 
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Predicted Job Selection 2020 IT only 

inst# actual predicted error prediction 

1 
1:'Web Programmer 
(PHP)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

2 
2:'Penolong Pegawai 
Teknologi Maklumat ' 

9:Information Technology 
Security Analyst + 0.03 

3 
3:'Jurutera Sistem 
Rangkaian IT' 

9:Information Technology 
Security Analyst + 0.03 

4 4:'Pereka Grafik' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

5 5:'Juruanalisis QA (IT)' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

6 6:'RPG System Analyst' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

7 
7:'Pembangun Laman 
Web ' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

8 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

9 
9:'Information Technology 
Security Analyst' 

9:Information Technology 
Security Analyst  0.03 

10 
10:'Jurutera Perisian 
Komputer' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

11 11:'Jurutera Rangkaian' 
9:Information Technology 
Security Analyst + 0.03 

12 
12:'Web and Mobility 
Developer' 

9:Information Technology 
Security Analyst + 0.03 

13 
13:'Jurutera Sistem 
Komputer' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

14 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

15 
7:'Pembangun Laman 
Web ' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

16 
14:'System Engineer 
(Oracle)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

17 15:'Pereka Web' 
9:Information Technology 
Security Analyst + 0.03 

18 16:'Software Analyst' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

19 17:'Jurutera Perisian' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

20 
1:'Web Programmer 
(PHP)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

21 

18:'Hypertext 
Preprocessor (PHP) 
Developer' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

22 4:'Pereka Grafik' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

23 
7:'Pembangun Laman 
Web ' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 
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24 

19:'Information 
Technology Executive 
(RPG)' 

9:Information Technology 
Security Analyst + 0.03 

25 20:'Jurujual Internet' 
9:Information Technology 
Security Analyst + 0.03 

26 
13:'Jurutera Sistem 
Komputer' 

9:Information Technology 
Security Analyst + 0.03 

27 
21:'Juruteknik 
Kejuruteraan Automobil' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

28 4:'Pereka Grafik' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

29 
22:'Pegawai Sokongan 
Teknologi Maklumat' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

30 

23:'Inbound Technical 
Support Representative 
(IT)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

31 

24:'Structured Query 
Language (SQL) Database 
Administrator' 

9:Information Technology 
Security Analyst + 0.03 

32 
8:'Software Engineer 
(Sharepoint)(IT)' 

9:Information Technology 
Security Analyst + 0.03 

33 
25:'SAP Application 
Administrator' 

9:Information Technology 
Security Analyst + 0.03 

34 
1:'Web Programmer 
(PHP)' 

9:Information Technology 
Security Analyst + 0.03 

35 17:'Jurutera Perisian' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

36 
1:'Web Programmer 
(PHP)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

37 
7:'Pembangun Laman 
Web ' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

38 
8:'Software Engineer 
(Sharepoint)(IT)' 

9:Information Technology 
Security Analyst + 0.03 

39 
22:'Pegawai Sokongan 
Teknologi Maklumat' 

9:Information Technology 
Security Analyst + 0.03 

40 
26:'Jurutera Teknologi 
Teknikal' 

9:Information Technology 
Security Analyst + 0.03 

41 
27:'Jurutera Sistem 
(Kecuali Komputer)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

42 
10:'Jurutera Perisian 
Komputer' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

43 
28:'Java Programmer 
Analyst' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

44 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

45 
29:'.NetProgrammer 
Analyst' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

46 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

47 
30:'Officer-in-charge. 
Weather station' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 
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48 
1:'Web Programmer 
(PHP)' 

9:Information Technology 
Security Analyst + 0.03 

49 
31:'Pekerja Sokongan 
Teknologi Maklumat' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

50 4:'Pereka Grafik' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

51 32:'Ketua Projek' 
9:Information Technology 
Security Analyst + 0.03 

52 

19:'Information 
Technology Executive 
(RPG)' 

9:Information Technology 
Security Analyst + 0.03 

53 
13:'Jurutera Sistem 
Komputer' 

9:Information Technology 
Security Analyst + 0.03 

54 33:'Security Analyst(IT)' 
9:Information Technology 
Security Analyst + 0.03 

55 
34:'Eksekutif Pengeluaran 
' 

9:Information Technology 
Security Analyst + 0.03 

56 

35:'Enterprise Resource 
Planning (ERP) Technical 
Specialist (IT)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

57 
36:'Eksekutif Sistem 
Komputer' 

9:Information Technology 
Security Analyst + 0.03 

58 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

59 
22:'Pegawai Sokongan 
Teknologi Maklumat' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

60 4:'Pereka Grafik' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

61 
37:'Pengaturcara Perisian 
(.Net)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

62 17:'Jurutera Perisian' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

63 16:'Software Analyst' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

64 
3:'Jurutera Sistem 
Rangkaian IT' 

9:Information Technology 
Security Analyst + 0.03 

65 

19:'Information 
Technology Executive 
(RPG)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

66 

38:'Juruanalisis 
Perniagaan Teknologi 
Maklumat ' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

67 

39:'Enterprise Resource 
Planning (ERP) 
Programmer Analyst 
(ABAP)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

68 4:'Pereka Grafik' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

69 
40:'Climate Service 
Technician' 

9:Information Technology 
Security Analyst + 0.03 
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70 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

71 17:'Jurutera Perisian' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

72 
41:'Project Administrator 
(IT)' 

9:Information Technology 
Security Analyst + 0.03 

73 42:'Pembangun Perisian' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

74 
43:'Penyunting Filem dan 
Video ' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

75 
44:'Pemeriksa Kualiti 
Produk' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

76 
13:'Jurutera Sistem 
Komputer' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

77 45:'Ilustrator Grafik' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

78 
31:'Pekerja Sokongan 
Teknologi Maklumat' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

79 
36:'Eksekutif Sistem 
Komputer' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

80 4:'Pereka Grafik' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

81 
46:'Inspektor Kawalan 
Kualiti' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

82 

19:'Information 
Technology Executive 
(RPG)' 

9:Information Technology 
Security Analyst + 0.03 

83 47:'Jurutera Komputer ' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

84 
9:'Information Technology 
Security Analyst' 

9:Information Technology 
Security Analyst  0.03 

85 

23:'Inbound Technical 
Support Representative 
(IT)' 

9:Information Technology 
Security Analyst + 0.03 

86 
48:'Jurutera Aplikasi 
Komputer' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

87 
1:'Web Programmer 
(PHP)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

88 
10:'Jurutera Perisian 
Komputer' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

89 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

90 16:'Software Analyst' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

91 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

92 

49:'Information 
Technology Consultant 
(Java)' 

9:Information Technology 
Security Analyst + 0.03 

93 
50:'Pengaturcara 
Multimedia ' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 
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94 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

95 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

96 

51:'Pembantu 
Pengaturcaraan 
Komputer' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

97 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

98 
9:'Information Technology 
Security Analyst' 

9:Information Technology 
Security Analyst  0.03 

99 
52:'Pegawai Teknologi 
Maklumat Gred F41' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

100 33:'Security Analyst(IT)' 
9:Information Technology 
Security Analyst + 0.03 

101 
53:'Application Specialist 
Support (Navision)' 

9:Information Technology 
Security Analyst + 0.03 

102 
54:'Eksekutif 
Perkhidmatan Pelanggan' 

9:Information Technology 
Security Analyst + 0.03 

103 55:'Kerani Teknikal' 
9:Information Technology 
Security Analyst + 0.03 

104 
56:'Pengurus Sistem 
Maklumat ' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

105 
14:'System Engineer 
(Oracle)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

106 57:'Pengaturcara Perisian' 
9:Information Technology 
Security Analyst + 0.03 

107 
58:'Juruteknik Laman 
Web' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

108 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

109 

39:'Enterprise Resource 
Planning (ERP) 
Programmer Analyst 
(ABAP)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

110 
9:'Information Technology 
Security Analyst' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

111 
12:'Web and Mobility 
Developer' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

112 17:'Jurutera Perisian' 
9:Information Technology 
Security Analyst + 0.03 

113 59:'Graphics Creator' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

114 
10:'Jurutera Perisian 
Komputer' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

115 
1:'Web Programmer 
(PHP)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

116 

19:'Information 
Technology Executive 
(RPG)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 
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117 60:'Kerani Pejabat' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

118 

61:'Information 
Technology Consultant 
(.Net)' 

9:Information Technology 
Security Analyst + 0.03 

119 42:'Pembangun Perisian' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

120 42:'Pembangun Perisian' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

121 17:'Jurutera Perisian' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

122 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

123 62:'Eksekutif Pemasaran ' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

124 63:'Operator Pengeluaran' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

125 
1:'Web Programmer 
(PHP)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

126 64:'Pakar Teknikal (IT) ' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

127 
22:'Pegawai Sokongan 
Teknologi Maklumat' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

128 65:'Jurutera Sistem ' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

129 
66:'Pengaturcara 
Permainan Komputer ' 

9:Information Technology 
Security Analyst + 0.03 

130 
9:'Information Technology 
Security Analyst' 

9:Information Technology 
Security Analyst  0.03 

131 16:'Software Analyst' 
8:Software Engineer 
(Sharepoint)(IT) + 0.03 

132 
8:'Software Engineer 
(Sharepoint)(IT)' 

8:Software Engineer 
(Sharepoint)(IT)  0.03 

133 

39:'Enterprise Resource 
Planning (ERP) 
Programmer Analyst 
(ABAP)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

134 
7:'Pembangun Laman 
Web ' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

135 

67:'Information 
Technology System 
Analyst (JDE)' 

8:Software Engineer 
(Sharepoint)(IT) + 0.03 

136 11:'Jurutera Rangkaian' 
9:Information Technology 
Security Analyst + 0.03 

 

 


