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Digital library conduct structural equation modelling (SEM) to test the study hypotheses. This study discovered
UTAUT that the variables, namely performance expectancy, effort, and facilitating conditions
Intention to use expectancy, were significantly and positively associated with the outcome variable, which is the
Jordan intention to employ digital libraries. Meanwhile, social influence was revealed to be

Post-graduate students insignificant. Performance expectancy also significantly mediated the correlations between

technological readiness and the intention to utilize and between online self-efficacy and the
intention to utilize. The present study focused only on potential users among postgraduate
students at Jordanian universities with digital libraries. The findings contributed valuable insights
into the academic sector, especially library management to enhance the rate of digital library or
e-library adoption at Jordanian universities. Digital library managers and policymakers could
leverage the findings to design pertinent strategies that increase user engagement within digital
library environments. The UTAUT model was demonstrated to be capable of predicting users’
intentions of employing digital libraries and corroborated the mediation role of performance
expectancy on the associations between technological readiness and the intention to utilize and
between online self-efficacy and the intention to use.
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1. Introduction

Daily operations, including commerce and data sharing, have been transformed by the rapid advancement of information
and communication technology (ICT; Afthanorhan et al., 2020). Libraries have also embraced the transformation by
transitioning to digital formats and offering digital services, such as electronic books or e-books and electronic magazines
(Zhou, 2022). The transformation enables libraries to provide extensive databases and information compared to the physical

limitations of traditional libraries (Halder, 2021). Hence, library digitisation becomes imperative due to the significant
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enhancement in information services for beneficiaries (Awamleh & Hamad, 2022). Specifically, digital libraries (DLs)
emphasise digital collections, which facilitate unrestricted access both within and outside the library premises and
underscore the importance of interlibrary networks (Said & Apriliyanti, 2022). Various DLs in Jordan are crucial in
providing accessible full-text resources online (Abu Sirhan et al., 2019). The DLs also represent curated collections of
digital artefacts by adhering to the principles of library acquisition while promoting enhanced information storage, retrieval,
and dissemination similar to conventional libraries (Pourjahanshahi et al., 2023).

The worldwide trend of digitising library resources increases user accessibility and information availability, which
simplifies tasks that previously required significant time and effort. As such, Jordanian universities are motivated to invest
more in digital transformation to improve relevant services. The operational strategies of organisations are also impacted
by digitisation owing to multiple benefits, including reduced costs and efforts while elevating accessibility regardless of
geographical restrictions (Aakash & Gupta Aggarwal, 2022). While DLs originated in the past decade, the adoption rate is
sluggish in terms of full usability by the target audience (Kiana et al., 2021). Students prefer employing search engines,
such as Google (Xu & Du, 2019), although DL information sources and related services are considered more reliable. The
DL usage rate also remains low despite online libraries more effectively providing the necessary information and the high
investment amounts by universities on developing respective DLs (Afthanorhan et al., 2020). Economically, the significant
investments in terms of financial resources, manpower, and time required to develop robust DL systems necessitate effective
utilisation to prevent the squandering of invested resources (Murthy et al., 2018).

Negative DL attitudes and a lack of confidence in the DL content contribute to diminished engagement with online
repositories and an increased reliance on unreliable external sources (Rosman et al., 2020). While prior researchers
conducted DL research, a majority neglected DL users’ intentions. Most studies concentrated on e-book usage (Masa’deh
et al., 2022), the corresponding impact of employing DLs (Alajmi & Alotaibi, 2020), such as user satisfaction and quality
factors (Afthanorhan et al., 2020), or user acceptance of modern technologies (Venkatesh et al., 2003). Notably, a scarcity
of studies related to the intention to employ DLs is observed (Jamaludin & Mahmud, 2011) Click or tap here to enter text.
despite the need for research into DL adoption (Igbal et al., 2022). Nonetheless, several studies investigated the topic through
the unified theory of acceptance and use of technology (UTAUT) to explicate user intention (Alajmi & Alotaibi, 2020).
Accordingly, the present study examined and extended the UTAUT model with technological readiness and online self-
efficacy to thoroughly comprehend the user intention of employing DL among Jordanian postgraduates.

The current study samples are potential DL users, including students, teachers, staff, and external users. The primary
objective is to identify the association between effort expectancy (EE), performance expectancy (PE), facilitating conditions
(FC), social influence (SI), and the intention to utilise DLs. In addition, this study expanded the UTAUT model by
appraising the relationships between technological readiness (TR) and PE and between online self-efficacy (OS) and PE.
The PE mediating effect on the correlations between TR and the intention to utilise DLs and between OS the intention to
utilise DLs was also assessed. Resultantly, the current study contributed insights into alternative approaches to providing
services and information through academic libraries and developing alternative DL servers. Practically, the study results
would assist university library heads and officials in increasing the DL usage rate while investing more in DLs via effective
strategies to enhance the intention of potential users while maintaining current users. The study also serves as a platform
for future studies to investigate other factors contributing to the intention to employ DLs.

2. Literature Review
2.1 The Unified Theory of Acceptance and Use of Technology (UTAUT)

Venkatesh developed the UTAUT in 2003 by integrating previous findings to provide a comprehensive framework that
delineates technological acceptance and usage (Venkatesh et al., 2012). This study applied the UTAUT due to higher
explicability than other models through four main components, namely PE, EE, SI, and FC, in the knowledge of the
behavioural intention to accept and employ modern technologies (Venkatesh et al., 2003). The UTAUT could also explain
70% of users’ intentions to employ the latest technologies (Chopik & Francis, 2022). The UTAUT also provides a
foundation to examine and comprehend the usage intention of the latest technologies, including DLs (Alajmi & Alotaibi,
2020). Hence, further DL academic discussions and diverse research approaches through the UTAUT are crucial.

2.2 The Relationship between PE and the Intention to Employ DLs

The PE is defined as the usefulness level of utilising a specific technology to improve job performance, which is determined
by personal belief (Venkatesh et al., 2003; Venkatesh, 2022). Specifically, the PE is crucial to pinpointing the acceptance
degree of the latest technology (Eiskjer et al., 2023). Past researchers revealed that PE was the primary factor contributing
to behavioural intention (Ayaz & Yanartag, 2020, Nazim et al., 2021) with a positive correlation between PE and user
intention (Alomari & Abdullah, 2023; Walle et al., 2023).. A higher PE level results when higher efficiency with lower
costs and reduced effort is perceived by users in employing the latest technology compared to conventional technologies
(Hamzat & Mabawonku, 2018). This study hypothesised that:
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Hi: The PE positively impacts the intention to employ DLs.
2.3 The Relationship between EE and the Intention to Employ DLs

The PE significantly impacts user intentions in adopting different technologies depending on the required effort degree
(Jayakananthan & Jeyaraj, 2019), whereas EE determines the perceived ease of use (Venkatesh et al., 2003). A positive
association was demonstrated between EE and user intention in prior research (Hunde et al., 2023), which posited that lower
required effort contributed to higher usage levels (Jang et al., 2021). The current study propounded that:

Hz: The EE positively impacts the intention to employ DLs.
2.4 The Relationship between SI and the Intention to Employ DLs

The SI is defined as the degree to which an individual recognises the expectations of other acquainted individuals, including
friends, acquaintances, and relatives, to benefit from the latest ICTs (Alvarez et al., 2020). Past scholars demonstrated a
significant positive correlation between SI and user intentions regarding alternative technologies (Alduais & Al-Smadi,
2022; Hunde et al., 2023). Accordingly, a higher inclination to accept alternative technologies (Strzeleck, 2023) when SI
exists through peers’ suggestions and expectations in personal social networks (Palau-Saumell et al., 2019). The current
study posited that:

Hs: The SI positively impacts the intention to employ DLs.
2.5 The Relationship between FC and the Intention to Employ DLs

The final UTAUT dimension, namely FC, is defined as customers’ perceptions of available resources and support for a
specific demeanour (Venkatesh et al., 2012). Past research confirmed the positive impact on consumers’ behavioural
intention to employ technologies (Ali & Warraich, 2023; Hunde et al., 2023). The existing literature also highlights the
significant FC impact on consumers’ behavioural intentions to employ the latest digital information sources. The FC is
related to an individual’s belief in the available materials and resources to utilise the technology (Haryanto et al., 2023).
The current study proposed that:

Ha: The FC positively impacts the intention to employ DLs.

2.6 The Relationship between TR and PE

Blut and Wang (2020) delineated TR as individuals’ tendency to accept and employ the latest technologies, which is also a
psychological variable to determine the decision-making process of adopting alternative technologies (Chiu & Cho, 2020).
Prior academicians revealed the significant TR impact on embracing and utilising modern technologies (Chen et al., 2021)
Reyes-Mercado et al. (2023) also empirically discovered a positive relationship between TR and PE in digital learning
environments. The present study postulated that:

Hs: The TR positively impacts PE.
2.7 The Relationship between OS and PE

Salah Dogham et al. (2022) denoted OS as an individual’s capability to effectively resolve challenges and perform digital
tasks. The concept was propounded by Bandura (1977), which is highly recognised as a key determinant of performance
quality. An individual’s motivation to engage in a task will increase when personal competence is considered sufficient and
vice versa (Yan et al., 2017). Individuals with higher self-efficacy will also demonstrate increased proficiency in employing
DLs owing to the high confidence in personal problem-solving capabilities by proactively seeking innovative solutions
(Parhamnia, 2022). Existing empirical evidence also consistently demonstrates a positive association between OS and PE
(Adi Alsyouf, 2021). Hence, this study hypothesised that:

He¢: The OS positively impacts PE.
2.8 Mediation

Mediation analysis is integral to enhancing models and theoretical comprehension (Ngah et al., 2021; Rahi et al., 2022). A
mediating variable serves as a platform to transmit the impact of the antecedent variable to the dependent variable (Aguinis
et al., 2017) by determining the degree of a specific effect or mechanism (Dippel et al., 2020). Figure 1 illustrates the
research framework of the study. Previous researchers discovered a direct relationship between TR and PE (Reyes-Mercado
et al., 2023). A positive correlation is also demonstrated between PE and user intention by the current knowledge corpus
(Nikou & Aavakare, 2021), which highlights the positive TR impact on technological acceptance or the intention to employ
DLs (Jamaludin & Mahmud, 2011; Shmueli et al., 2019). Simultaneously, past investigations discovered positive
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relationships between OS and PE (Mshali & Al-Azawei, 2022), between PS and user intention (Kumar et al., 2020), and
between PE and user intention (Awwad & Al-Majali, 2015). Hence, this study proposed that:

H7: The PE positively mediates the association between TR and intention to employ DLs.
Hs: The PE positively mediates the association between OS and intention to employ DLs.
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Fig. 1. Research Framework
3. Research Methodology
3.1 Instrument Development

The questionnaire administered in the current study consists of three sections. The first section asks about respondents’
demographic characteristics. The second section appraises the independent variables and the third section examines the
dependent variable. Previous studies were referred to when adapting the questionnaire items to fit the present study scope.
Specifically, the PE, EE, SI, FC, and user intention items were adapted from Venkatesh et al. (2003), whereas the TR items
were modified from Aharony and Gazit (2019) and Shirahada et al. (2019). Employing different measures to assess
antecedent and outcome variables could prevent the common method variance (CMV) issue (Podsakoff et al., 2003). Thus,
a Likert scale ranging from 1 to 5 was employed for the independent variables while a Likert scale ranging from 1 to 7 was
employed for the dependent variables. The consistency between measurement scales was also ensured to enhance perceived
uniformity while preventing item redundancy. Employing the same scales will increase item similarity and redundancy,
which will lead to a lower understanding of measurement items with lower memory retrieval and judgment among
respondents (Ngah et al., 2023).

3.2 Sampling and Data Collection

The present study applied a purposive sampling method to recruit potential users, namely postgraduate students at Jordanian
public universities with DL facilities. Google Forms were utilised to incorporate the questionnaires, which were
disseminated online via the official Facebook page of Jordanian university websites at the beginning of the semester for one
month. A question filter, which is in line with the purposive sampling approach, was also asked to ensure respondent validity
(Ngah et al., 2021; Jais & Ngah, 2024). The current study collected 261 responses with 67 cases excluded due to invalid
responses, including not studying a postgraduate programme or currently employing a DL. The final sample size was 194
respondents. Hair et al. (2019) elucidated that the sample size should be determined based on the power of the analysis and
the number of predictor variables (Ngah et al., 2022; Albtoosh et al., 2022). The researcher calculated the required sample
size via the G*Power software (Bayen et al., 1996), which determined that the minimum sample size should be 85 based on
four predictors with a power of 80%, a medium effect size, and a p-value equal to 0.05 (Gefen et al., 2011). The final sample
size of 194 in this study exceeded the minimum requirement of 85. The results of the demographic information of the
respondents are presented in Table 1. The descriptive statistical analysis shows that most of the respondents are male
(58.4%). Most of the sample members are between the ages of 25-35 years (53%), and most of them are master’s students
(76.7%).

Table 1
Demographic information of respondents
Variable Item Frequency Percentage (%)
Gender male 118 58.4%
female 84 41.6%
Age 25-35 years old 107 53.%
35-45 years old 91 45%
45 years old and above 4 2%
Type of study Master’s Degree 155 76.7%

PhD 47 233
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3.3 Data Analysis

The present study objective was to delineate the associations between the variables in the current research model by
predicting and investigating the respective correlations via the Smart-PLS 4 software (Hair et al., 2019). The current research
model is also complex due to the existence of more than seven constructs (Hair et al., 2017). As such, the researcher
conducted PLS-SEM to reveal the respective impacts of independent variables on dependent variables to predict
corresponding model paths (Hair et al., 2019). Simultaneously, a normality test was performed through multivariate
skewness and kurtosis measures to validate the collected data by adhering to Hair et al.’s (2017) recommendations. The
results demonstrated a non-normal distribution indicated by the significant values of multivariate skewness (b = 11.561, p
< 0.01) and multivariate kurtosis (b =103.307, p <0.01). The Smart-PLS approach was employed to resolve potential data
abnormalities (Albtoosh & Ngah, 2022; Long et al., 2022), namely CMV, to ensure no data bias (Ngah et al., 2022¢; Halimi
et al., 2021) rendered by employing a single data source (Podsakoff et al., 2012). Particularly, procedural and statistical
analysis techniques with different measurement scales were utilised (Ngah et al., 2021; Rashid et al., 2022). A seven-point
Likert scale was applied to appraise user intention while a five-point Likert scale was employed to examine other constructs.
Simultaneously, the collinearity test was conducted (Ngah et al., 2024; Tuan Mansor et al., 2022) to ensure that the variance
inflation factor (VIF) did not exceed the threshold value of 3.3, which demonstrated that this study is without CMV issues.
Table 2 depicts that all VIF values are below 3.3 and demonstrate no CMV issue.

Table 2

Full collinearity
EE FC (O8] PE SI TR
1.391 1.419 1.657 1.846 1.651 1.657

3.4 Measurement Model

Anderson and Gerbing’s (1992) two-step method, namely the measurement model and the structural model, was employed
in the current study. Construct validity was examined through composite reliability (CR), loadings, and average variance
extracted (AVE). Hair et al. (2019) explicated that convergent validity is achieved when the loading value exceeds 0.5, the
AVE value is or exceeds 0.5, and the CR achieves a minimum of 0.7. All three aforementioned values exceeded the
respective threshold values in the present study, which suggested sufficient construct validity. Concurrently, discriminant
validity was affirmed with the HTMT ratio lower than the threshold value of 0.9 (Franke & Sarstedt, 2019), as delineated
in Table 4. As such, the measurement model satisfied all requirements for the constructs and items.

Table 3
Convergent validity

Construct Item Loading CR AVE

EE EE1 0.652 0.902 0.7
EE2 0.904
EE3 0.881
EE4 0.883

FC FC2 0.855 0.837 0.639
FC3 0.57
FC4 0.929

oS OS1 0.666 0.882 0.601
OS2 0.698
0S3 0.771
0S4 0.879
OS5 0.841

PE PE 1 0.804 0.905 0.705
PE2 0.871
PE3 0.816
PE4 0.864

SI SI'1 0.72 0.892 0.674
SI2 0.829
SI3 0.878
SI 4 0.849

TR TR 1 0.722 0.88 0.594
TR 2 0.774
TR 3 0.812
TR 4 0.817
TR 5 0.724

INT INT 1 0.824 0.896 0.742
INT 2 0.878
INT 3 0.881

Note: FC1 was deleted due to low loading
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Table 4
Discriminant validity (HTMT)
Construct EE FC OS PE SI TR
EE
FC 0.471
oS 0.509 0.786
PE 0.528 0.521 0.68
SI 0.427 0.562 0.639 0.672
TR 0.513 0.676 0.737 0.701 0.609

3.5 Structural Model

Multicollinearity was investigated by adhering to Hair et al.’s (2017) definition, wherein the VIF value should be below 5.
The findings demonstrated that all VIF values were below 5, which suggested no collinearity between the study variables.
Subsequently, bootstrapping was performed with a resampling procedure of 500 iterations to test the study hypotheses. A
hypothesis is accepted when the beta values are positive, the t-values are equal to or exceed 1.645 except for SI, and the p-
values are equal to or below 0.05. Simultaneously, the confidence interval contains no zero value indicated by both the
lower (CILL) and upper (CIUL) levels (Hair et al., 2019). Table 5 portrays the hypothesis testing results. Particularly, a
significant positive correlation was discovered between PE and user intention (PE = INT, =0.184,t=2.51, p <=0.05,
LL =0.089, UL = 0.319), which supported H1. The EE was also revealed to be significantly and positively associated with
user intention (EE = INT, =0.18,t=2.783, p <0.05, LL =0.069, UL = 0.279), which accepted H2. Contrarily, a negative
association was demonstrated between SI and user intention (SI = INT, = 0.086, t=1.371, p =0.085, LL = - 0.036, UL
= 0.174), which did not support H3 as the t value was below 1.645.

A significant positive correlation was discovered between FC and user intention (FC = INT, p=0.133,t=1.999, p <0.05,
LL =0.001, UL = 0.229), which accepted H4. Significant positive associations were also discovered between TR and PE
(TR = PE, p=10.376,t=5.09, p <0.001, LL = 0.245, UL = 0.481) and between OS and PE (OS - PE, = 0.365,t=
4.588, p < 0.001, LBP = 0.243, UL = 0.505), which accepted H5 and H6. Meanwhile, for the mediation effect, the study
that PE positively mediates the relationship between TR and INT intention (TR->PE - INT, $=0.069,t=2.11, p=0.018,
LL = 0.027, UL = 0.142), and also for the relationship between OS and INT (OS=>PE - INT, = 0.067,t=2.254,p =
0.012, LL =0.032, UL = 0.126), thus supporting the H7 and HS of the study. Table 5 and figure 2 illustrates the findings of
the study.

Table 5
Hypotheses testing.
Hypothesis Relationship Beta SE T value P value CILL CIUL 2 VIF
H1 PE — INT 0.184 0.073 251 0.006 0.089 0.319 0.023 1.842
H2 EE — INT 0.18 0.065 2.783 0.003 0.069 0.279 0.029 1.397
H3 SI — INT 0.086 0.063 1.371 0.085 -0.036 0.174 0.006 1.666
H4 FC — INT 0.133 0.067 1.999 0.023 0.001 0.229 0.015 1.453
H5 TR — PE 0.376 0.074 5.09 0.001 0.245 0.481 0.154 1.657
Hé6 OS — PE 0.365 0.08 4.588 0.001 0.243 0.505 0.146 1.657
H7 TR - PE — INT  0.069 0.033 2.11 0.018 0.027 0.142
HS8 OS - PE— INT  0.067 0.03 2254 0.012 0.032 0.126
0.376 (5.090)
TR

0.365 (4.588)

0.184 (2.510)

;

0.180 (2.783)
o)

S
0.086 (1.371)

0.133 (1.999)

FC
Fig. 2. Structural model
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Meanwhile, the effect size (f2) was determined (Cohen, 1992) with 0.02 as small, 0.15 as medium, and 0.35 as large. The
predictive power of the research framework was also evaluated through PLS-Predict, which utilises a restricted sample to
generate case-level predictions for the constructs or items. A tenfold procedure was performed to determine predictive
power instead of the blindfold technique (Ngah et al., 2022; Shmueli et al., 2019). A combination of both negative and
positive values indicates moderate predictive power, whereas all positive values posit the absence of predictive power. The
results demonstrated that all PLS-LM values were negative, which postulated high predictive power (Shmueli et al., 2019).
Table 6 indicates the findings for the PLS-predict analysis.

Table 6

PLS-Predict
Item PLS-SEM_RMSE LM _RMSE PLS-LM Q?predict
INT 1 0.611 0.655 -0.044 0.098
INT 2 0.684 0.691 -0.007 0.18
INT 3 0.641 0.713 -0.072 0.107
PE 1 0.467 0.495 -0.028 0.219
PE2 0.526 0.567 -0.041 0.344
PE3 0.489 0.529 -0.04 0.242
PE4 0.578 0.619 -0.041 0.366

4. Discussion

Potential DL users’ intentions are crucial for administrators and academicians in the discipline of DL management. The
UTAUT was applied in the present study to assess the intention of potential DL users, who were postgraduate students, at
Jordanian universities with DLs. Postgraduate students were presumed to be the core users owing to the increasing
dependence on digital information and resources. The data were evaluated via SEM conducted on the Smart-PLS software.
The findings demonstrated that three out of four variables in the UTAUT produced significant impacts on the correlations
between TR and PE and between OS and PE. Specifically, a significant positive relationship was revealed between PE and
user intention INT, which accepted H1. The result aligns with past studies (Alomari & Abdullah, 2023) discovering a
significant PE impact on user intention to employ DLs, which corroborates the integral PE role in promoting the utilisation
of technological platforms.

The EE was demonstrated to be significantly and positively associated with DL user intention, which accepted H2. Hunde
et al. (2023) also uncovered a positive correlation between EE and user intention, which propounded that university
administrators or researchers should prevent usage complications or difficulties when establishing a DL system. Moreover,
the association between FC and user intention was significant and positive in this study (Ali & Warraich, 2023), which
accepted H4. Accordingly, higher accessibility to relevant equipment and resources would facilitate a user in embracing the
latest technologies with effortless usage. The study also revealed significant positive correlations between TR and PE and
between OS and PE, which are in line with Reyes-Mercado et al. (2023) and Adi Alsyouf (2021). Hence, both H5 and H6
were supported. The results highlighted the significance of TR and OS in elevating users’ anticipated performance and
intention to embrace modern technologies.

The relationship between SI and user intention was insignificant, which did not support H3 and corresponded with Hunde
et al. (2023). Nonetheless, the finding is consistent with Calderén-Fajardo et al. (2023), which posited that SI might not be
a significant factor contributing to embracing alternative technologies. While the existing studies postulate the significant
SI impact on user attitudes toward emerging technologies, the current results propounded that SI did not demonstrate a
similar effect on DL usage. Furthermore, postgraduate students possess higher self-determination, in which decision-making
regarding technology adoption might be less influenced by external social factors. Meanwhile, PE was demonstrated to
significantly mediate the associations between TR and user intention and between OS and user intention, which supported
H7 and H8. The presence of PE would reinforce the relationships between TR and user intention and between OS and user
Intention.

The present study expanded the UTAUT by elucidating the determinants of DL usage intention among potential users. The
current study also addressed the existing literature gap by including additional composite factors into the model to
thoroughly comprehend the factors contributing to DL user intention. The DLs become more crucial in Jordan with more
available information sources, which serve as an educational platform for students. Delineating user intentions and the
contributing factors is crucial to increasing DL usage. The current findings demonstrated PE, EE, FC, TR, and OS
significantly and positively impacted user intentions, whereas SI insignificantly influenced user intentions. Therefore,
further investigations are required to determine the SI impact on DL usage intention. Moreover, PE could enhance the TR
and OS impacts on user intentions, which recommends expanding the DL user base to elevate students’ efficiency in
constantly accessing required information while reducing the associated costs from conventional sources.
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The present study scope focuses only on Jordanian postgraduate students, which may limit the generalisability of the results
in other nations. Differences in cultures, social contexts, and technological advancement may also influence the model
applicability. Future scholars could validate the model in various contexts to determine the cross-cultural applicability.
Meanwhile, DL experts or stakeholders should prioritise the significant contributing factors, namely PE, EE, FC, TR, and
OS, to increase the DL usage rate, which might decrease users’ tendency to acquire information from unreliable sources.
Different research models concentrating on modern technological usage and user intention in the academic environment
could also be applied to determine the SI impact, which was discovered to be insignificant in the present study. Other
variables could be included to expand the current scope and explore the indirect effect of SI. Thus, a more thorough
comprehension of the factors contributing to DL usage could be obtained.

5. Conclusion

The current study sought to pinpoint the key factors contributing to potential DL user intentions through the UTAUT.
Purposive sampling was performed to recruit Jordanian postgraduate students. The data were collected through an online
survey before being analysed via SEM conducted on the Smart-PLS software. The results supported five hypotheses with
significant relationships between the contributing factors and user intentions while another hypothesised factor was
insignificant. The findings not only contributed to the knowledge corpus on DL user behaviour but also underscored the
UTAUT predictive power in postgraduate students’ usage intentions at Jordanian universities. The present study also
contributed valuable insights into DL managers and policymakers to develop specific strategies for elevating DL user
engagement and satisfaction.
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